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FOREWORD

Poverty Maps serve as a pivotal instrument for accurately identifying underserved and impoverished areas,
thereby informing policymakers, planners, researchers, and development partners to gain a nuanced
understanding of geographical variation and spatial inequality in growth and poverty. The ‘Poverty Map of
Bangladesh 2022’ utilize model-based indirect estimation techniques to address the increasing demand
for updated and disaggregated poverty estimates at granular levels, such as district and upazila levels.
While direct poverty estimates are available at the division level through the Household Income and
Expenditure Survey (HIES) 2022, conducted by BBS, the Poverty Maps provide further insights by offering
more localized data.

The Bangladesh Bureau of Statistics (BBS), in collaboration with the World Bank (WB) and the World Food
Programme (WFP), initiated this comprehensive exercise to produce and disseminate the Bangladesh
Poverty Maps 2022. This initiative involved the rigorous review of data by the Poverty Mapping Working
Group, and Technical and Steering Committees, both composed of professionals and subject matter experts.
The BBS, WB and WFP jointly estimated poverty and necessary maps for key sub-national administrative
units of Districts and Upazilas of Bangladesh. These estimates are derived using the Household Income
and Expenditure Survey 2022 and the Population and Housing Census (PHC) 2022, alongside applying the
latest guideline of the World Bank on Small Area Estimation (SEA) methodology (CensusEB).

These latest poverty maps are expected to significantly enhance the targeting of policy interventions and
programs by providing a more precise understanding of the local context. With strong commitment, sound
policies, and effective coverage, we are well-positioned to work towards a brighter future for the people of
Bangladesh. Our enhanced knowledge and data-driven insights will enable us to implement targeted and
impactful interventions to reduce poverty and promote equity and sustainable development.

As we present the ‘Poverty Map of Bangladesh 2022’, we extend our gratitude to all the professionals,
experts, and partners who contributed to this gigantic effort. We look forward to continuing and expanding
this collaboration to explore the poverty situation of the country to overcome the development challenges
and eradicate poverty in all its forms. We appreciate BBS, WB, and WFP officials who are engaged to
accomplish this huge task by reducing the time significantly compared to earlier exercises.

Together, we can build a more equitable and prosperous Bangladesh.

AN By AR

Abdoulaye Seck Mohammed Mizanur Rahman Domenico Scalpelli
Country Director Director General Country Director
World Bank, Bangladesh Bangladesh Bureau of Statistics World Food Programme, Bangladesh
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INTRODUCTION

11. BACKGROUND

Bangladesh Bureau of Statistics (BBS) conducted the first round of
Household Expenditure Survey (HES) in 1973. The latest i.e. the 17th round
of HIES was held in 2022. National and Divisional level (rural and urban)
poverty Head Count Rates (HCR) are generated directly from the HES/HIES
survey datasets. However, the District and Upazila level poverty rates are
highly demanded by the policy makers, development partners and the
researcher’s community too. To meet the stakeholder’'s high expectations,
BBS started publishing the District and Upazila poverty pictures by using
the Small Area Estimation (SAE) technique with the collaboration of WFP
and WB since 2000. However, the survey figures show that the poverty has
undergone a profound shift from a high 48.9 percent in 2000, the poverty
rate plummeted to 18.7 percent by 2022 Despite these strides, marked
disparities persist across different geographical areas and communities.
Understanding these spatial disparities is crucial for formulating effective
policies tailored to address these multifaceted challenges. The ‘Poverty
Map of Bangladesh 2022’ provides a detailed poverty distribution across
the country, embodying Bangladesh’s enduring commitment to poverty
alleviation. It is worth to mention here that the only exception was HIES 2016
where the National, Divisional and also the District HCRs were given directly
from the survey and the Upazila level figures were produced through SAE
method.

The traditional household surveys are invaluable for assessing poverty
at national or large regional levels.? Yet, their capacity to capture the
nuanced disparities in smaller or more specific areas often falls short due
to many reasons including limitations in sample size. In areas where only
a few households are surveyed, the results may not accurately reflect the
broader local conditions, leading to a potentially skewed understanding of

"While earlier HIES rounds are not directly comparable to HIES 2022 due to significant improvements made
in the latter, they still offer useful insights into poverty trends.

2 For the 2022 HIES survey the data is representative at the national, division, and rural and urban
levels. Previous surveys were also representative at the division levels apart from 2016 HIES which was
representative at the Zila level.



poverty and its distribution. The SAE techniques are
specifically developed to address these shortcomings
by enhancing the precision of poverty estimates for
smaller geographic areas or specific demographic
subgroups, that traditional surveys cannot capture due
to smaller sample size.

The SAE achievesthis enhanced accuracy by integrating
detailed survey data with auxiliary information including
census data, administrative records, and potentially
satellite imagery or mobile data. This methodology
allows for ‘borrowing strength’ from related areas or
groups, significantly increasing the reliability of the
estimates where direct survey data is sparse. For
instance, SAE leverages demographic and economic
patterns identified in the census—which includes every
household in the country—to refine and adjust poverty
estimates derived from survey data.

In the development of the ‘Poverty Map of Bangladesh
2022’ SAE techniques were utilized, capitalizing on data
from the Household Income and Expenditure Survey
(HIES) 2022 and the Population and Housing Census
(PHC) 2022. This approach facilitates the estimation of

1.2. OBJECTIVES

The overall objective of the ‘Poverty Map of Bangladesh
2022’ is to provide policy support to the policymakers,
planners, researchers, and development partners with
precise and disaggregated data on poverty, thereby
enabling more effective targeting of interventions and
resources.

The specific objectives are:

- To provide disaggregated poverty estimates for key
sub-national administrative units.

poverty levels down to the district and upazila levels,
offering a granularity that surpasses the division-
level estimates typically provided by HIES 2022. The
Bangladesh Bureau of Statistics (BBS), in collaboration
with two international partners ie. the World Bank
(WB) and the World Food Programme (WFP), played a
vital role in spearheading the production of the 2022
poverty maps.

Such detailed mapping of poverty at lower sub-national
administrative units is crucial for both government and
non-government organizations to allocate resources
and taking interventions more effectively. By pinpointing
areas of acute need and monitoring progress over time,
these maps serve as a foundational tool for targeted
poverty alleviation strategies. This ensures that efforts
are concentrated where they are most important,
promoting equitable development across diverse
communities. Furthermore, these detailed measures
provide policymakers with a robust mechanism to
assess the effectiveness of their policies, particularly in
tracking and monitoring the Sustainable Development
Goals (SDGs) to be achieved by 2030.

. To enhance the understanding of spatial inequality
and geographical variations in poverty.

- To support the design and targeting of policies and
programs aimed at poverty reduction.

- To foster informed decision-making and resource
allocation by government agencies and development
partners.

1.3. HISTORY OF POVERTY MAPPING EXERCISES IN BANGLADESH

The genesis of poverty mapping in Bangladesh is
rooted in the late 1990s and early 2000s, a period
characterized by an increasing international and local
interest in precise poverty alleviation strategies. During
these formative years, the initiative was primarily driven
by international development organizations such as
WFP and the World Bank, alongside the BBS. These

initial maps were somewhat basic, relying primarily
on census data and lacked integration with detailed
household survey data. The first significant attempt was
the production of the 2000 poverty maps, developed
with technical support from Massey University, New
Zealand, using data from HIES 2000 and a 5 percent
sample of the Population Census 2001.

POVERTY MAP OF BANGLADESH 2022



INTRODUCTIONS

The methodology of poverty mapping saw
transformative changes in the mid-2000s with the
advent of Geographic Information Systems (GIS)
technology. This technology change facilitated
the merging of socioeconomic data with spatial
characteristics, enhancing the visualization of poverty
distribution across the regions of Bangladesh. During
this period, there was increased collaboration between
governmental and academic institutions to improve the
precision and usefulness of these maps. The poverty
maps of 2005, which utilized full census data from
2001 and HIES 2005 data, exemplify this evolution and
collaboration with academia. In the late 2000s, more
comprehensive poverty maps began to emerge under
the auspices of the Government of Bangladesh and
development partners. A notable achievement was
the 2010 Poverty Map, developed by the BBS with
technical assistance from the World Bank and the WFP,
utilizing SAE techniques. This map provided detailed
insights into poverty rates at the district and upazila
levels, significantly enhancing the targeting of social
safety net programs and national resource allocation
and planning.

The sophistication of these methodologies continued to
evolve with the 2016 poverty map, which incorporated
the full population census data from 2011 and HIES
data from 2016, despite the challenges posed by
the significant time interval between the census and
survey years which may have affected the relevance
of some socio-demographic characteristics. The most
recent iteration, the ‘Poverty Map of Bangladesh 2022’,
represents a significant milestone, incorporating data
from both the full Population and Housing Census
2022 and the HIES 2022, thus perfectly aligning the
census and survey years. This edition adheres closely
to the World Bank latest guidelines on SAE techniques,
specifically the Census-Empirical Best (CensusEB)
method, demonstrating a matured approach to
capturing the complexities of poverty in Bangladesh.?

The poverty maps have become essential tools not
only for guiding development initiatives but also for
monitoring progress towards the SDGs, showcasing the
advanced statistical methods and diverse data sources
that now define poverty mapping in the country.

Figure 1: History of Poverty Mapping Exercise in Bangladesh

SO0

3 Guidelines to Small Area Estimation for Poverty Mapping (Report): https://openknowledge worldbank.org/server/api/core/bitstreams/idifcadc-43e3-541b-8949-

fea45dd2a528/content



1.4. GEOGRAPHIC AND ADMINISTRATIVE UNITS 2022

The 2022 poverty maps offer extensive coverage, comprehensive coverage ensures a thorough and
encompassing all 8 divisions, and extending it through detailed geographical representation of poverty within
SAE methodology to the 64 districts, 590 upazilas the country.

and metropolitan thanas across Bangladesh. This

Figure 2: Geographic and Administrative Units, 2022

590 Upazilas/Metropolitan
Thanas
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POVERTY MAPPING
METHODOLOGY

The Poverty Map 2022 for Bangladesh leverages the timely release of the
Population and Housing Census 2022 and the Household Income and
Expenditure Survey 2022. Additionally, it incorporates the most updated
techniques on small-area estimation. Utilizing microdata from both sources,
a comprehensive set of common variables is constructed to develop the
poverty maps through a unit-level modeling approach. Finally, it utilizes the
geospatial and Geographic Information System (GIS) mapping information
collected during the PHC 2022 to produce the maps.

21. DATA DESCRIPTION

The HIES 2022 is representative at the national, division, rural, and urban
levels. BBS implemented rigorous upgradation in survey design and
fieldwork operation for this round, which affected the comparability of
consumption and poverty over time.* The introduction of the Classification
of Individual Consumption According to Purpose (COICOP) expanded
the number of food and non-food items from 149 to 263 and 261 to 441,
respectively. The data collection method moved from Computer Assisted
Field Entry (CAFE) to Computer Assisted Personal Interviewing (CAPI). The
prices were directly collected instead of deriving unit values from household
total expenditure values and quantities, and weighing scales were
implemented to ensure the accuracy of household consumed food items.

4 As technology and survey design methods evolve, enhancements should be implemented. For instance,
Argentina improved its survey instrument and periodicity of data collection in 2003 and most of the countries
in Latin America have adopted and report their poverty estimates annually, India made several changes in
the late 1990s, Peru and Ecuador made significant changes in their household surveys in 2004 and 2007,
and, more recently, Zambia and Bhutan in their 2022 survey round. In the ideal situation, a proper way to
implement these changes is to simultaneously conduct old and new methods and then clearly identify their
differences to maintain comparability over time. However, this process could be costly, challenging, and
complex, leaving most countries with two options: break trends or find an analytical way to tackle this issue
after implementing the survey.



Furthermore, a more rigorous fieldwork monitoring
system was implemented, residential training and
refresher training were conducted for the enumerators/
supervising officers throughout the year.

The Population and Housing Census of 2022, while
maintaining its main objectives and characteristics, has
embraced digitalization in its data collection process.
The utilization of the CAPI method, alongside a web-
based Integrated Census Management System (ICMS)
and a Network Operations Centre (NOC), has not only

streamlined census activities but also allowed for real-
time monitoring of data collection progress, thereby
ensuring data quality. It further allowed BBS to prepare
and release the census preliminary report within a month
after the completion of fieldwork and the main report
within one year. The modernization effort, complemented
by traditional census campaigns and social media
engagements, underscores BBS's commitment to
remaining at the forefront of data collection methods.

2.2. IMPLEMENTATION OF SMALL AREA ESTIMATION FOR POVERTY MAPPING

The first step in constructing the poverty map involves
creating a set of potential indicators that are common
to both the census database (target) and the household
welfare survey, e.g., HIES. For the 2022 Bangladesh
poverty mapping, a total of 119 potential variables were
carefully harmonized and constructed in both sources
(see Annex 3). These variables encompass household
demographic characteristics (such as household size,
age, age composition of household members, religion,
marital status, disabilities, and members living abroad),
education characteristics (including literacy, educational
attainment, the composition of educational attainment
of household members), labor characteristics (such

Table 1: Selection of Eligible Variables by Domain

as labor status, and working sector), and dwelling
characteristics (like ownership, toilet type, source
of drinking water, access to electricity, cooking fuel
source, and roof and wall material of dwelling units,
remittances, access to financial services, and access to
information technology and communication).

From this initial set of potential variables, only those
variables that have a close distribution from the
census and survey were selected.® Census variables
lying either within the survey's 95 percent confidence
interval or within a normalized distance of 0.05 from the
confidence interval are considered eligible variables

No. of eligible variables by normalized

Domain No. variables distance to HIES 95% C. |
(o} 0.05 041 0.15
Barishal ECL— LA . 85 ... 99 ...
— - LET 5 80 ... N-—. G 93 |
Chattogram  SSEIEKNNNNGN. GE— . G G 100 |
0 LEA . 89 ... 104
Dhaka R— LLEAN A 85 ... 103
Urban 19 74 90 98 103

5 Corral, Molina, Cojocaru, and Segovia (2022, pp. 33) suggest that “Ideally, the mean and distribution of the covariates should be comparable...”

POVERTY MAP OF BANGLADESH 2022 |
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Table 1: Selection of Eligible Variables by Domain (continued)

No. of eligible variables by normalized

Domain No. variables distance to HIES 95% C. |
(0] 0.05 01 0.15
Khulna Rural 19 75 94 100 106
Urban 19 68 85 97 103
Mymensingh  Rural 19 65 77 88 94
Urban 19 66 31 92 97
Rajshahi Rural 19 64 81 90 92
Urban 19 76 90 101 107
Rangpur Rural 19 67 86 95 99
Urban 19 50 70 82 92
Sylhet Rural 19 64 82 89 97
Sylhet Urban 19 61 82 92 100
Average 68 84 94 99

Source: Estimations based on HIES 2022 and Population and Housing Census of 2022, BBS

for the modeling procedure discussed below.® Table
1 illustrates that, on average, 68 variables from the
census lie within the HIES 95 percent confidence
interval. This number increases to 84 if a tolerance of
0.05 of normalized distance to the confidence interval
is allowed. Annex 4 provides details of this alignment
exercise by variable and domain.

Small area estimates for constructing the 2022
poverty map for Bangladesh adhere to the most
recent guidance from the World Bank on techniques
to achieve the best unbiased empirical estimates
(Corral, Molina, Cojocaru, and Segovia, 2022). Previous
poverty mapping exercises in Bangladesh utilized the
method developed by Elbers, Lanjouw, and Lanjouw
(2003), widely known as the ELL method. Over time,
enhancements to the ELL method have been made to
improve precision and reduce the bias of small area
estimates. Recently, Corral, Molina, and Nguyen (2021)
expanded upon the ELL method by introducing a new
approach that incorporates Monte Carlo simulation and

bootstrapping techniques to estimate point estimates
and mean squared errors (MSE), respectively. This
new approach is referred to as the Census-Empirical
Best (CensusEB) method.” The next section provides a
brief overview of the CensusEB methodology and its
key difference from the ELL method.? Accordingly, for
the current 2022 poverty exercise, the latest edition
of the SAE Stata code available was applied (Nguyen,
Corral, Azevedo, and Zhao, 2018).> ™ The BBS team
followed the guidance decision tree to decide on the
modeling approach (Corral, Molina, Cojocaru, and
Segovia, 2022 p13). Based on the decision tree and
taking advantage of the access to same-year census
and household survey microdata, the team chose a
unit-level modeling approach for the estimation of small
areas. Unit-level models rely on detailed household-
level data on consumption from the household survey
and a common set of household-level characteristics
in both census and survey to simulate household-level
consumption in the census data.

¢ There is not a general rule in the guidelines for the selection of eligible variables. BBS applied a rule of thumb approach to accomplish this step.
7 In the SAE literature, there is a distinction between the Empirical-Best (EB) and the Census-Empirical Best (CensusEB) methods. While the former can only be applied
if the households can be identified in both the census and survey datasets, the latter only requires identifying the locations in both data sources.

8 For a full explanation of the CensusEB method refers to Corral, Molina and Nguyen (2021).
9 The most updated SAE Stata package for small area estimates has been acceded on Feb 15, 2024 from https:/github.com/pcorralrodas/SAE-Stata-Package. It

includes all modules referenced in Corral, Molina and Nguyen (2020).

' An older version of SAE Stata package is obtained when users type in Stata “ssc install sae”



2.3. SELECTION OF CONSUMPTION MODEL

Once the set of eligible common balanced variables
was defined and the modeling approach for producing
small area estimates was selected, the next step
involved specifying the level at which location effects
are incorporated into the modeling process. Since the
objective is to report poverty estimates at the upazila
level (administrative level 3), the upazila-level clustering
was chosen (administrative level 3) for the estimation
procedure

The selected one-fold nested-error model for the small
area estimation follows Molina and Rao (2010).2 This
method assumes that the transformed consumption
v, for household h in location c is linearly related to a
vector of household characteristic x,,, location #,.and
household-specific idiosyncratic errors e,,. Both errors
are assumed to be normal, independent, and identically
distributed. Thus, variation in consumption y, across
the population is determined by three components:
the variation in household characteristics, the variation
in location-specific non-observables effects, and the
variation in household-specific non-observables.®

ych: xch ﬁ i 770+ eoh (1)

Where, h=1,..N,c=1,.,C
77[)~ N(O7 0772)' e(rhNN(O'OeZ )

The estimation of small areas follows a two-stage
procedure. In the first stage, equation (1) is fitted
according to guidelines for each of the 16 defined
domains in the survey data. In the second stage, the
parameters obtained in the first stage are used to
simulate the welfare metric target data. For the fitting/
modeling stage, the Generalized Least Squares (GLS)
approach with Henderson’s method Ill was chosen
for the estimation of the variance parameters. This
approach accommodates heteroskedasticity and the
inclusion of survey weights* The method will produce
CensusEB small area estimates, which are more
accurate and make more efficient use of the survey
information in the simulation process, as shown in Corral,

Molina, and Nguyen (2021). The extended coverage of
410 out of 590 upazilas during the HIES survey makes
Bangladesh a suitable candidate to fully benefit from
the advantages of the CensusEB estimation method.

The CensusEB method shares many advantages with
the ELL method. Additionally, it corrects the synthetic
ELL estimator by accounting for location effects using
survey data (Corral, Molina, and Nguyen 2021)® The
magnitude of this correction depends on an adjustment
factor, which measures the proportion of between-
location heterogeneity variance (o,°) to the total
variance in the location (g,> + ¢,%/n). The correction
will be stronger in highly heterogeneous locations and
minimal when all the heterogeneity is fully explained
by auxiliary variables. If ELL fully controls existing
location heterogeneity, the CensusEB reduces to the
ELL estimator. Consequently, CensusEB makes more
efficient use of the survey data and relies less heavily
on auxiliary location-level variables. Furthermore, the
CensusEB is an optimal predictor in the sense that it
minimizes the MSE under the model.

For each domain, the World Bank guidelines were
meticulously followed to take care of factors that may
bias estimates, as described in sequential order below:

a) Define a set of eligible variables (xvars) that include
only those from the census and survey with a close
distribution. Census variables within the survey’s 95%
confidence interval or a normalized distance of 0.05
from the confidence interval are considered eligible
variables.

b) Remove extremely low values of the dependent
variable by trimming the lower 0.5%.

c) Generate a shift transformation variable of the
dependent variable to approximate normality to get
less bias and less noisy estimates and better align to
the model assumptions.

d)Reduce the set of eligible variables via LASSO to
address potential problems of multicollinearity and
overfitting (postlasso).

" Corral, Molina and Nguyen (2021) show that specifying the random effect at a level of aggregation lower than the reporting level results in noisier estimates, though

have minimal impact on bias.

2 Two-folded nested-error models in SAE are available but do not accommodate survey weights or heteroskedasticity.
' The normality assumption does not imply that y_ch is normally distributed. It implies that conditional on observables, the residuals are normally distributed (Corral,

Molina, Cojocaru, and Segovia 2022).

' The alternative fitting approach using Restricted Maximum Likelihood (REML) does not accommodate survey weights or heteroskedasticity.
> This prevents the simulation stage from giving two households with identical observable characteristics but residing in two different locations the same welfare level

as it does with the ELL method.

POVERTY MAP OF BANGLADESH 2022 |
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e) Remove
(postsign)

f) Model diagnostic of residuals and influential
observations: Cook’s distance, Leverage, and
Influence based on rule of thumb criteria.®

non-significant covariates sequentially

g) Define an alpha model for GLS estimation: i) exclude
from eligible variables (xvars) those variables already
included in (postsign); ii) remove non-significant ones
(alfa_postsign)

2.4 MODEL FITNESS

Regardless of the clustering selection, the model fitness
results in Figure 3 indicate a relatively good fit for most
of the domains, explaining between 40 to 70 percent
of the variance of the transformed consumption metric,
with urban Dhaka stands at the highest adjustment.
The normality of the transformed dependent variable
cannot be rejected across estimated domains as shown
in Annex 5. The underlying assumptions regarding
the random effects in nested model (1) are assessed
by evaluating the normality of residuals and location
effects. Overall, the normal Q-Q plots in Annex 6 and 7

h) Fit model (1) includes an alpha model with (postsign)
and (alfa_postsign) sets of variables.

i) Finally, remove non-significant variables (postalfa).

The second stage of producing small area estimates
consists of simulating consumption for each household
in the census data through Monte Carlo simulation. The
procedure first calculates the point estimates with 100
repetitions. Then, it estimates MSE through bootstrap
simulation with 50 replications.”

show no dramatic deviations from normality across
domains, suggesting no major departures from the
nested model’s assumption.®*

2.44. Comparisons between Point Estimates from
HIES and CensusEB

Poverty headcount estimates from the 2022 HIES,
conducted at domain and division levels, serve as
reliable "ground truth" benchmarks. These benchmarks
are essential for comparing and validating the accuracy

Figure 3: CensusEB Model Fitness by Domain, Upazila Clustering Level, 2022
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Source: Estimations based on HIES 2022 and PHC 2022, BBS
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% Influential data points are excluded as per guidelines if /stud.res/>2 and Cook’s d[xtance>% and levemge>M .
7 The simulation process tends to be computationally slow, contingent upon the processing power and available RAM, particularly when handling census microdata

as extensive as that of Bangladesh.

8 A normal Q-Q plots the quantiles of the sample data against the quantiles of a theoretical normal distribution.
9 Keep in mind that Marhuenda et at (2017) acknowledges that achieving perfect normality is very hard when working with real census and survey data.



of poverty estimates derived from the SAE technique.
Table 2 reports this comparison at the national level
for rural and urban areas. The results demonstrate a
reasonable alignment between HIES and CensusEB
estimates once confidence intervals are considered.

Table 3 reports this comparison at the division level,
albeit at a more disaggregated level. Once confidence
intervals are taken into account in the assessment, the

results also show a reasonable alignment between
HIES and CensusEB estimates.

Finally, Table 4 reports the correspondence between HIES
and CensusEB poverty estimates at the domain level. When
considering the confidence intervals, the results exhibit a
relatively strong alignment. Furthermore, Figure 4 illustrates
a straightforward scatter plot of HIES and CensusEB point
estimates, revealing a correlation close to 0.94.

Table 2: Direct (HIES) and Indirect (SAE) Poverty Estimates (%) by National, Rural and Urban (UPL), 2022

Bangladesh 18.7 0.8 17.0 20.3 19.2 0.4 18.4 20.0
Bangladesh, rural 20.5 11 18.3 22.6 20.3 0.5 19.3 213
Bangladesh, urban 147 1.2 12.4 171 16.5 0.6 15.3 177

Note: CensusEB estimates with heteroskedasticity and sample weights. Mean=point estimate, SE= VMSE, LL=lower limit, UL=upper limit.

Source: Estimations based on HIES 2022 and PHC 2022, BBS

Table 3: Direct (HIES) and Indirect (SAE) Poverty Estimates (%) by Division (UPL), 2022

Barishal 26.9 26 217 321 26.6 11 243 28.8
Chattogram 15.8 2.2 1.5 201 15.2 1.2 12.8 177
Dhaka 17.9 2.0 13.9 219 19.6 0.9 17.9 21.3
Khulna 151 1.6 1.9 18.2 171 0.8 15.4 18.7
Mymensingh 24.2 26 19.0 29.5 226 0.9 20.8 24.4
Rajshahi 16.7 1.9 12.8 205 16.3 1.0 14.4 181
Rangpur 247 19 21.0 28.5 25.0 13 22.4 276
Sylhet 17.3 20 13.2 21.3 18.5 0.9 16.8 20.2

Note: CensusEB estimates with heteroskedasticity and sample weights. Mean=point estimate, SE= VMSE, LL=lower limit, UL=upper limit.

Source: Estimations based on HIES 2022 and PHC 2022, BBS

Table 4: Direct (HIES) and Indirect (SAE) Poverty Estimates (%) by Domain (UPL), 2022

Barishal Rural 28.4 3.2 21.9 34.8 281 1.4 25.3 31.0
Urban 21.3 2.4 16.5 26.2 217 1.3 19.2 24.2
Chattogram Rural 17.9 3.0 1.8 23.9 17.8 17 14.4 21.3
Urba 1.3 2.2 6.8 15.8 9.9 11 77 12.0
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Table 4: Direct (HIES) and Indirect (SAE) Poverty Estimates (%) by Domain (UPL), 2022 (continued)

HIES SAE, CensusEB
e - Confidence limits e - Confidence limits

LL UL LL UL

Dhaka Rural 217 34 15.0 285 214 1.1 19.2 23.6
Urban 14.3 2.3 97 19.0 17.4 1.3 14.8 20.0

Khulna Rural 16.5 2.0 12.6 20.5 18.7 1.1 16.6 20.8
Urban 9.9 1.7 6.4 13.4 1.9 0.9 10.2 13.6

Mymensingh Rural 26.2 3.2 19.7 327 24.0 11 21.8 26.2
Urban 16.0 2.8 10.5 21.6 17.8 1.1 15.6 20.0

Rajshabhi Rural 17.2 2.4 12.3 22.2 17.2 1.2 14.8 19.5
Urban 14.9 2.2 10.5 19.3 13.3 0.9 1.5 15.0

Rangpur Rural 23.6 2.2 19.2 28.0 22.4 1.6 19.3 25.6
Urban 299 2.9 24.0 35.8 34.5 17 31.2 379

Sylhet Rural 17.9 2.4 13.0 227 18.4 1.0 16.4 20.3
Urban 14.3 25 9.2 19.5 19.2 1.5 16.3 22.2

Note: CensusEB estimates with heteroskedasticity and sample weights. Mean=point estimate, SE= VMSE, LL=lower limit, UL=upper limit.
Source: Estimations based on HIES 2022 and PHC 2022, BBS

Figure 4: HIES and CensusEB Poverty Estimates Alignment at the Domain Level, 2022
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Note: CensusEB estimates with heteroskedasticity and sample weights.
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Table 5: CensusEB Standard Error (%) of Poverty Estimates (UPL), 2022

Min Mean p50 p95 p99 Max
DB s e e L2 e = 1 . . ]
Zila 0.7 21 1.9 4.0 5.0 5.9
Upaz||a ........................................... e B R e A e

Note: 1. CensusEB estimates with heteroskedasticity and sample weights. Standard errors are computed as VMSE through bootstrap simulation.

2. Upazila Clustering (UPL),
Source: Estimations based on HIES 2022 and PHC 2022, BBS

2.4.2. CensusEB standard error estimates

As evidenced in Table 5, small-area standard errors of
poverty estimates are reasonable for the majority of
upazilas. Comparing these estimates to those from the
prior poverty mapping exercise conducted in 2016 (ELL
method) reveals that CensusEB estimates are lower
and exhibit less noise. Given the large standard error
for about 5% of the reporting upazilas, a robust ranking
is suggested to account for this issue.

2.4.3. Empirical Comparison of ELL and CensusEB
Methodologies

To ensure the robustness of 2022 poverty maps, the
poverty rates were calculated using the traditional
ELL method for comparison. The analysis shows a
high degree of correlation (0.8) between the ELL and
CensusEB estimates. As depicted in the scatter plot
(Figure 5), both methods align closely, validating the
reliability of the estimates. Both methods consistently
identify regions with higher and lower poverty rates,
confirming the spatial distribution of poverty. While

both provide close estimates, the CensusEB method
guarantees unbiased estimates and aligns with the new
empirical developments in small area estimation.

Figure 5: Comparison of 2022 Poverty Rates by ELL
and CensusEB

2022 poverty rate, CensusEB

Correlation~0.80

0 2 4 6
2022 poverty rate, ELL

Source: Estimations based on HIES 2022 and PHC 2022, BBS
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The histograms presented in Figure 6 depict the distribution of poverty rates
across districts and upazilas in Bangladesh. Utilizing SAE to generate point
estimates, the poverty rates at the district and upazila levels range from 1
to 54 percent and 1 to 63 percent, respectively. Both distributions exhibit a
rightward skew, indicating a concentration of most districts and upazilas
within a poverty rate range of 10 to 30 percent. This pattern suggests that
while moderate levels of poverty predominate, there exists a smaller number
of districts and upazilas experiencing significantly higher poverty rates. This
skewness highlights the presence of substantial disparities in economic
conditions across different regions, emphasizing the need for targeted poverty
alleviation efforts in areas with acute poverty.

Figure 6: Distribution of Poverty Rates across Districts and Upazilas in
Bangladesh, 2022
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Source: Estimations based on HIES 2022 and PHC 2022, BBS



341. GROUPING OF DISTRICTS AND UPAZILAS: QUINTILE-BASED STRATIFICATION

When employing poverty rates of districts and upazilas
for ranking and comparison, reliance solely on point
estimates may lead to misleading interpretations due to
variability reflected in confidence intervals and standard
errors. For instance, minimal differences in poverty
rates between two upazilas could lead to an inaccurate
representation of their comparative standings if these
differences are not statistically significant, potentially
resulting in an erroneous inverse ranking under
rigorous statistical analysis.

To enhance reliability in comparisons, it is prudent to
categorize districts and upazilas into distinct groups
based on their poverty levels. A quantile-based
stratification system has been adopted that classifies
upazilas into five categories, from the First to the Fifth
Quintile.2° Each category encompasses an equal number
of upazilas. Districts are then categorized using the

cutoffs from each quintile. Table 6 provides a summary
of this categorization. The categorization ensures that
the analysis and interpretation of poverty distributions
are both simplified and statistically robust, accurately
reflecting significant disparities in poverty levels.

Table 6: Number of Upazilas/Thanas within Each
Category of Poverty Level, 2022

Quantile PovRear:ygI:ate TJu[;:Ilz:,iT;sc;f
Thanas
First (Very Low) <9.80 18
Second (Low) 9.80-14.90 18
Third (Moderate) 14.91-21.15 18
Fourth (High) 2116-28.20 18
Fifth (Very High) >28.20 18

20 The Upazilas in the First Quintile are the wealthiest, with a gradual shift towards the poorest in the Fifth Quintile
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3.2. POVERTY ESTIMATES AT DISTRICT LEVEL (UPL), 2022 [CensusEB]

Map 1: Poverty Estimates at District Level (Upper Poverty Line), 2022 [CensusEB]
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Source: Estimations Based on HIES 2022 and PHC 2022, BBS



3.3. POVERTY ESTIMATES AT UPAZILA LEVEL (UPL), 2022 [CensusEB]

Map 2: Poverty Estimates at Upazila Level (Upper Poverty Line), 2022 [CensusEB]
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3.4. POVERTY LEVEL BY DIVISION

Table 7 outlines the distribution of districts within
each of Bangladesh's eight divisions according to
five designated poverty quantiles. Notably, divisions
such as Chattogram, Khulna, and Rajshahi exhibit a
substantial number of districts classified within the
'First' and 'Second' quantiles, indicating lower levels
of poverty. Conversely, divisions like Rangpur and
Barishal show a concentration of districts in the 'Fifth’
and 'Fourth' quantiles, suggesting higher poverty
rates and presenting significant economic challenges
that could benefit from intensified development
initiatives. Meanwhile, division such as Dhaka displays
a wide distribution across all quantiles, reflecting a
heterogeneous mix of economic conditions within each
division.

This pattern of economic disparity is further mirrored
at the upazila level as detailed in Table 8, which
underscores both the regional economic disparities
and the potential for targeted interventions. Chattogram
again stands out with a balanced distribution across
all quantiles and notably fewer upazilas in the
'Fifth' quantile, suggesting better overall economic
conditions. Conversely, Barishal and Rangpur display
a significant clustering of upazilas within the 'Fifth’
quantile, marking these areas as particularly vulnerable
and in need of targeted poverty alleviation efforts.
Dhaka, despite its economic importance and having
the largest number of upazilas/metro thanas at 147,
exhibits significant internal economic contrasts, with
a considerable number of upazilas in both the 'First'

Table 7: Distribution of Districts Across Different Poverty Levels, 2022

Number of Districts

Division Verylow (@) Low(Q2)  Moderate (@3) High(Q4)  Veryhigh(@5)
(<9.80) (9.81-14.90) (14.91-2115)  (2116-28.20) (>28.20)
Barishal 0 0 2 2 6
Chattogram 1 4 3 3 0 il
Dhaka 1 3 1 5 3 13
Khulna 1 3 4 2 0 10
Mymensingh 0 0 3 0 1 4
Rajshahi 0 3 3 1 1 8
Rangpur 0 0 1 5 2 8
Sylhet 0 1 2 1 0
Total 3 14 19 19 g 64
Source: Estimations based on HIES 2022 and PHC of 2022, BBS
Table 8: Distribution of Upazilas/Thanas Across Different Poverty Levels, 2022
Number of Upazila/Thana
BlSiek Verylow (Q1) Low(Q2)  Moderate (@3)  High(Q4)  Veryhigh(@5) .
(<9.80) (9.81-14.90) (14.91-21.15) (21.16-28.20) (>28.20)
Barishal 1 3 10 9 19 42
Chattogram 32 33 24 17 13 119
Dhaka 48 21 20 21 37 147
Khulna 1 19 15 18 1 64
Mymensingh 3 7 2 il 12 35




Table 8: Distribution of Upazilas/Thanas Across Different Poverty Levels, 2022 (continued)

Number of Upazila/Thana

Division Verylow (QT)  Low(Q2)  Moderate (@3) ~ High (Q4)  Very high(@5) .
(<9.80)  (9.8114.90)  (14.91-2115)  (2116-28.20)  (>28.20)

Rajshahi 14 23 19 1 6 73

Rangpur 1 1 16 23 23 64

Sylhet 8 1 12 8 7 46

Total 18 18 18 18 18 590

Source: Estimations based on HIES 2022 and PHC 2022, BBS

and 'Fifth' quantiles, highlighting the need for nuanced
policy approaches that can address such disparities.
Similarly, Khulna and Rajshahi, with their strengths in
the third quantiles, indicate a level of economic stability
that could potentially be leveraged to enhance further
economic growth.

Figure 7 offers a visual representation of the distribution
of poverty across the divisions of Bangladesh,
effectively complementing the data presented in the

previous tables. This diagram provides an immediate
and clear insight into the regional disparities in poverty
levels, highlighting the need for precisely targeted local
policies. To address these complexities effectively,
policy interventions must be customized both at the
divisional level and within individual divisions, ensuring
that strategies are specifically tailored to meet the
unigue challenges and opportunities present in each
district and upazila.

Figure 7: Distribution of Upazila/Thana Level Poverty Groups by Division, 2022
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3.5. POVERTY LEVEL BY DISTRICT

Table 9 shows the variability in poverty levels within
Districts. This distribution reflects the diverse economic
conditions prevalent across the country's districts, with
some districts showing a concentration of upazilas in
the 'First' quantile, such as Dhaka, which has a notably
high number of upazilas in the wealthiest quantile. In
contrast, districts like Kishoreganj, Kurigram, Pirojpur,

and Netrakona have a significant number of upazilas
in the 'Fifth' quantile, highlighting regions with
acute economic challenges. This varied landscape
of economic conditions necessitates a deeper
understanding and continual monitoring of district-
level data to better inform development strategies and
resource allocation.

Table 9: Distribution of Upazilas/Thanas Across Different Poverty Levels by District, 2022

Number of Upazilas/Thanas

District

Very low (Q1) Low (Q2) Moderate (@Q3) High (Q4) Very high (Q5) Total
(<9.80) (9.81-14.90) (14.91-2115)  (21.16-28.20) (>28.20)

Bagerhat 1 5 2 1 0

Bandarban 0 1 3 3 7
Barguna 0 1 2 3 0

Barishal 0 1 2 2 5 10
Bhola 0 0 2 2 3 7
Bogura 4 5 2 0 1 12
Brahmanbaria 1 2 3 2 1 9
Chandpur 1 1 0 3 3

Chapainawabganj 0 0 1 1 3 5
Chattogram 15 10 2 2 1 30
Chuadanga 0 0 1 3 0 4
Cox's Bazar 2 0 3 4 9
Cumilla 4 7 1 1 17
Dhaka 42 8 5 0 0 55
Dinajpur 0 0 2 8 3 13
Faridpur 0 0 0 7 2 9
Feni 3 2 1 0 0

Gaibandha 0 0 3 2 2

Gazipur 1 1 6 0 5 13
Gopalganj 0 0 0 4 1 5
Habiganj 3 5 1 0 0 9
Jamalpur 0 3 0 3 1 7
Jashore 0 2 2 3 1 8
Jhalokati 0 0 0 2 2 4
Jhenaidah 0 0 3 3 0 6
Joypurhat 0 2 2 1 0 5
Khagrachhari 0 4 5 0 0 9
Khulna 7 5 2 0 0 14




Table 9: Distribution of Upazilas/Thanas Across Different Poverty Levels by District, 2022 (continued)

Kishoreganj 0 0 0 2 1 13
Kurigram 0 0 1 1 7 9
Kushtia 0] 2 1 3 0 6
Lakshmipur 0 2 1 2 0 5
Lalmonirhat 1 0 2 2 0 5
Madaripur 0 0 0 0 5 5
Magura 0 0 1 3 0 4
Manikganj 0 1 2 2 2 7
Meherpur 2 1 0 0 0 3
Moulvibazar 0] 3 0 3 1 7
Munshiganj 2 4 0 0 0 6
Mymensingh 3 2 0 5 3 13
Naogaon 1 2 5 2 1 "
Narail 0 2 1 0 0

Narayanganj 1 1 3 0 0 5
Narsingdi 0 0 0 0 6

Natore 0 0 1 5 1

Netrakona 0] 1 0 1 8 10
Nilphamari 0 0 3 2 1 6
Noakhali 7 2 0 0 0 9
Pabna 1 6 2 0 0 9
Panchagarh 0 0 1 0 4 5
Patuakhali 1 1 4 0 2 8
Pirojpur 0 0 0 0 7 7
Rajbari 0 0 0 3 2 5
Rajshahi 3 7 4 1 0 15
Rangamati 1 4 4 1 0 10
Rangpur 0 1 3 5 5 14
Satkhira 1 2 2 2 0 7
Shariatpur 0 0 0 3 3 6
Sherpur 0 1 2 2 0 5
Sirajganj 5 1 2 1 0 9
Sunamganj 0 0 2 4 6 12
Sylhet 5 3 9 1 0 18
Tangail 2 6 4 0 0 12
Thakurgaon 0 0 1 3 1 5
Total 118 118 118 118 118 590

Source: Estimations based on HIES 2022 and PHC 2022, BBS
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Thereis a high demand of portraying the extreme poverty pictures at granular
level by the stakeholders. The mapping of the extreme poverty using the SAE
method has significant challenges, particularly at disaggregated levels.

The coefficient of variation (CV), which combines mean estimates and
standard errors, is a critical metric for comparing populations with substantial
variation in their mean values, such as poverty levels. A CV threshold of
15% is suggested by established survey sampling standards (Groves,
2009; Lohr, 2019; Rao & Molina, 2015). Estimates exceeding this threshold
are generally considered less precise and unsuitable for robust analysis
and reporting. However, in our case, at finer reporting levels, SAE extreme
poverty estimates frequently exceed the 15% CV threshold, whereas
estimates for the upper poverty rates remain below 15% (Figure 8). This
discrepancy further underscores the lower reliability of extreme poverty
estimates compared to those based on the upper poverty line."

Disclaimer: The challenges arise from the relatively low national
extreme poverty rate of 5.6%, which is even lower in urban areas at
3.8%. This low prevalence leads to higher coefficients of variation
(CV) and wider confidence intervals compared to estimates based
on the upper poverty line. In some cases, the high CV results
in confidence intervals that include negative values which are
somehow impractical and statistically less reliable.



Figure 8: Coefficient of variation of poverty estimates by poverty lines, 2022
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Source: Estimations based on HIES 2022 and Population and Housing Census of 2022, BBS

Given these challenges, we recommend focusing on
estimates based on the upper poverty line for more
dependable data interpretation and policy formulation.
Nevertheless, to derive some insights into extreme
poverty, the report categorizes upazilas and districts
into three groups based on upazila-level
quantiles. Each category contains an equal number
of upazilas, with thresholds defined as low (below

poverty

215%), moderate (2.16% to 5.52%), and high (above
5.53%). These groupings offer a broader view of spatial
disparities in extreme poverty while acknowledging the
limitations of precision. By focusing on patterns rather
than specific point estimates, this approach provides a
practical framework for identifying areas of acute need
and guiding targeted interventions.
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441. EXTREME POVERTY ESTIMATES AT DISTRICT LEVEL (LPL), 2022 [CensusEB]

The map reveals that extreme poverty is the most concentrated in divisions such as Rangpur, Mymensingh and

Barishal District. In contrast, the districts in Dhaka Division are predominantly categorized in the low level of extreme
poverty.

Map 3: Extreme Poverty Estimates at District Level (Lower Poverty Line), 2022 [CensusEB]
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4.2. EXTREME POVERTY ESTIMATES AT UPAZILA LEVEL (LPL), 2022 [CensusEB]

The Upazila-level CensusEB poverty map provides a more granular perspective on extreme poverty, revealing
localized pockets of deprivation that might otherwise be obscured within broader district-level analyses. By aligning
thresholds with the district-level analysis, the map ensures comparability while capturing the heightened variability
of poverty at this finer scale. For instance, in Rangpur district—generally classified as "high poverty"—the upazila-
level map pinpoints specific areas where poverty is especially acute.

Map 4: Extreme Poverty Estimates at Upazila Level (Lower Poverty Line), 2022 [CensusEB]
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A COMPARATIVE
ANALYSIS OF
POVERTY: A DECADAL
SNAPSHOT
(2010-2022)

Comparing poverty estimates over time presents significant challenges due
to several key enhancements introduced in the HIES 2022. As previously
mentioned, the 2022 round implemented improvements in survey design and
fieldwork operation, which affected the comparability of the consumption
aggregate with earlier rounds. Additionally, poverty lines were also re-
estimated in 2022 to reflect new consumption patterns, further complicating
longitudinal comparisons of poverty incidence.

Other methodological changes also hinder comparability. The 2022 maps
used the CensusEB method instead of the ELL method used in previous
years. CensusEB provides more accurate and precise estimates by effectively
integrating auxiliary information and incorporating advanced techniques.
Furthermore, the number of upazilas has increased over time, with more
upazilas in 2022 compared to 2010, affecting the geographic granularity of
the estimates. Another significant issue is the change in sample size.

To measure trends accurately, it is necessary to adjust the consumption
aggregate of previous rounds to 2022 standards, use the same poverty lines
as in 2022, align the previous upazila maps to the 2022 map, and employ
the same poverty map methodology. Despite these challenges, the BBS
reconstructed the national poverty trend from 2010 to 2022 and published
comparable figures in the HIES 2022 report. In this report, an effort was
made to reconstruct comparable SAE CensusEB poverty estimates for 2010
to enable a longitudinal comparison.



54. ALIGNING THE POVERTY MAP 2010 WITH THE POVERTY MAP 2022

To enable meaningful comparisons between the 2010
and 2022 poverty maps, critical adjustments were made
to align methodologies and standards. These included
revisions to consumption aggregates, poverty lines,
administrative boundaries, and estimation methods.

First, adjustments to consumption aggregates and
poverty lines were necessary due to significant
changes in the 2022 HIES. Using a survey-to-survey
imputation method (BBS, 2023b), the 2010 consumption
aggregates were recalibrated, and poverty lines were
revised to ensure compatibility with 2022 standards.

Second, upazila-level  boundary  harmonization
addressed administrative changes over time. The
2022 upazila boundaries were overlaid with the

201 mouza-level shapefile to identify comparable
units. Mouza centroids from 2011 were matched to
their corresponding 2022 upazila boundaries, and a
geocode bridge was constructed to link 2011 and 2022
geocodes.

Lastly, the estimation methodology was updated. The
2010 maps, initially created using the ELL method,
were re-estimated using the CensusEB method, as
described in Chapter 2, (Corral et al., 2022). These
updated estimates align well with 2010 HIES poverty
headcounts at national, divisional, and domain levels,
providing a reliable benchmark. Tables 10 and Figure 9
illustrate this alignment and confirm the reliability of
these adjustments.

Table 10: Small area poverty estimates at national and division level, upazila clustering (UPL), 2010

HIES SAE, CensusEB
Mean SE LL UL Mean SE LL UL
National 0.371 0.009 0.353 0.388 0.377 0.004 0.369 0.385
Rural 0.244 0.016 0.213 0.274 0.239 0.006 0.228 0.250
Urban 0.416 0.01M 0.395 0.437 0.411 0.005 0.401 0.421
Barishal 0.438 0.033 0.372 0.505 0.422 0.013 0.397 0.446
Chattogram 0.257 0.019 0.218 0.295 0.262 0.0M 0.240 0.284
Dhaka 0.433 0.017 0.400 0.466 0.450 0.009 0.431 0.468
Khulna 0.321 0.023 0.275 0.368 0.338 0.012 0.315 0.361
Mymensingh 0.368  0.022 0.324 0.413 0.363 0.012 0.341 0.386
Rajshahi 0.406 0.031 0.345 0.467 0.415 0.015 0.387 0.444
Rangpur 0.362 0.033 0.294 0.429 0.355 0.015 0.327 0.384
Sylhet 0.438 0.033 0.372 0.505 0.422 0.013 0.397 0.446

Note: CensusEB estimates with heteroskedasticity and sample weights. Mean=point estimate, SE=VMSE, LL=lower limit, UL=upper limit.

Source: Estimations based on HIES 2010 and PHC 2011, BBS
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A COMPARATIVE ANALYSIS OF POVERTY: A DECADAL SNAPSHOT (2010-2022)

Figure 9: HIES and CensusEB Poverty Estimates Alignment at
the Domain Level, Upazila Clustering, 2010
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A COMPARATIVE ANALYSIS OF POVERTY: A DECADAL SNAPSHOT (2010-2022)

5.2. POVERTY ESTIMATES AT DISTRICT LEVEL (UPL), 2010 [CensusEB]

Map 5: Poverty Estimates at District Level (Upper Poverty Line), 2010 [CensusEB]
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5.3. POVERTY ESTIMATES AT UPAZILA LEVEL (UPL), 2010 [CensusEB]

Map 6: Poverty Estimates at Upazila Level (Upper Poverty Line), 2010 [CensusEB]
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A COMPARATIVE ANALYSIS OF POVERTY: A DECADAL SNAPSHOT (2010-2022)

5.4. CHANGE IN POVERTY 2010 TO 2022 AT
UPAZILA LEVEL

Between 2010 and 2022, poverty at the upazila level declined
significantly, with nearly 90% of upazilas experiencing a
reduction in poverty incidence. This progress is evident in a
median reduction of 15 percentage points and an average
reduction of 17 percentage points. The largest reductions
occurred in upazilas with the highest poverty rates in 2010,
indicating a convergence effect where areas with initially higher
poverty levels made the most substantial gains. Regionally,
western upazilas saw greater reductions in poverty headcounts
compared to those in the eastern region, reflecting geographic
variations in poverty alleviation (Figure 10).

Figure 10: Poverty Estimates Change 2010-2022

Poverty rate 2010
(Upper line)

4
Poverty rate 2022
(Upper line)

Source: Estimations based on HIES 2010 and 2022, and PHC 2011 and 2022



Map 7: Change in Poverty 2010 to 2022 at Upazila Level
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CONCLUDING
REMARKS

The Poverty Map of Bangladesh 2022 reflect on the strides made in
enhancing our understanding of poverty across Bangladesh. This year's
report, backed by robust data from the HIES 2022 and the PHC 2022,
provides a comprehensive view of poverty at granular levels, extending
our insights down to the upazila level. The meticulous application of the
CensusEB method has significantly improved the accuracy and reliability of
poverty estimates, enabling us to pinpoint areas of critical need with higher
precision.

The findings from this iteration of poverty maps underscore the persistent
geographic and demographic disparities in poverty levels across Bangladesh.
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While some areas show promising signs of economic stability and even prosperity, others remain entrenched in cycles
of poverty that demand urgent and targeted intervention. The stratification of districts and upazilas into quantiles of
poverty has revealed both the broad regional patterns of wealth distribution and the nuanced intra-regional variations
that complicate the task of poverty alleviation.

This nuanced understanding of poverty distribution is crucial for the effective allocation of resources and the
strategic planning of development initiatives. By identifying specific areas where poverty is most acute, policymakers,
development partners, and stakeholders are better equipped to tailor their interventions to meet the distinct needs
of these communities. Moreover, the alignment of our poverty estimates with SDGs provides a clear pathway toward
achieving more equitable development outcomes across the nation.

The insights gained from this report should serve as a cornerstone for ongoing and future efforts to reduce poverty in
Bangladesh. The use of advanced statistical techniques and detailed data analysis should continue to evolve, reflecting
our commitment to refining our understanding of poverty and improving the lives of the most vulnerable populations.
These efforts must remain dynamic and responsive to Bangladesh’s changing socio-economic landscape.

In conclusion, the "Poverty Map of Bangladesh 2022" not only highlight the progress made but also illuminate the
challenges that lie ahead. With the continued commitment of the Bangladesh Bureau of Statistics, in collaboration with
international partners and local stakeholders, we can look forward to making significant strides in the fight against
poverty. By harnessing the power of detailed, accurate data and innovative analysis techniques, we can ensure that
our development efforts are both impactful and inclusive, steering Bangladesh towards a future where prosperity is
shared by all.
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ANNEX

ANNEX 1

DIVISION, DISTRICT AND UPAZILA LEVEL POVERTY RATES OF 2022 AND 2010

Name

Barishal Division

Population?°

8900160

Quintile

2022

HCR
Upper
(%)

Standard
Error (%)

Quintile

175873
115609

3
<
L
@
>
9]
gl

178483
251110

Very High (Q5)
Very High (Q5)

2010%
UI-:::; itandal rd
(%) rror (%)
43.8 3.3
244 25
25.8 4.2
22.9 8.5
237 4.3
29.8 4.5
20.0 5.8
........ 257 59
56.1 25
427 515
5159 121
611 57
5919 51
55.6 3.9
69.0 9.8
435 27
681 4.4
64.2 4.9
56.3 10.7
35.3 34
431 4.0
397 6.4
Sise 54
277 4.8
30.8 51
38.0 12.6
34.0 10.9

20 General Household Population includes individuals in private households and excludes those in institutions (e.g., dormitories, hospitals, prisons) and the floating
population (e.g., those without permanent housing or in temporary shelters).
2'The 2010 figures have been re-estimated using the CensusEB method and comparable consumption aggregates, and therefore differ from the original 2010 poverty
maps published by BBS in 2014.



ANNEX 1: DIVISION, DISTRICT AND UPAZILA LEVEL POVERTY RATES OF 2022 AND 2010 (Continued)

2022 2010%
Name Population®® Quintile UHc:r Standard Quintile UHC:r Standard
PP Error (%) PP Error (%)
(%) (%)
Jhalokati District 647167 Very High (Q5) . 2.6 High 422 35

Nesarabad 224752 Very High (Q5) 36.6 5.8 High (Q4) 45.2 51
(Swarupkathi)
|ndurkan|83367 ............ Veryngh(05)389 ............... 6 2 ............ V eryngh(QS) ......... 526102 ........
Chattogram .................... 3 2152683 ........ Moderate(o3)152 ............... 12Low(02) .............. 2 5719 .........
Division
Banda rban D|s tnct .......... 4 50692 ................................................................... 5 9 ................ MOderate .................................. 3 6 ........
Ahkadam ............................. 5 9162 .................................................................... 139 ............ Moderate(@3)58 .........
BandarbanSadar1oo447 .................................................................... 66 ................. |_OW (Q2) .................................... 7 o .........
Lama ................................... 133515 .................................................................... 152 ............ MOderate (Q3) ................................ 5 7 .........
Na|kkhongchhan ............... 74509 ..................................................................... 4 2ngh(Q4)54 .........
RowanQChhan .................... 26069 .................................................................... 149 ............ Moderate(@3)96 .........
Ruma .................................. 30065 .................................................................... 137 ............ Moderate(@3) ........... 4 11 ................ 7 6 .........
Thanch. .............................. 26925 .................................................................... 156 ............ V ery|-||gh(o5) ......... 534 128 ........
Brahmanbana3227902 .................................................................. 27 ................ MOderate ............. 321 ............... 25 ........
District
Akhaura .............................. 164102 ..................................................................... 90 ............ Moderate(@3)371 ............... 38 .........
BanChharampur ................ 327327 .................................................................... 29 ............. VeryLow(m) ........... 15754 .........
Bioynoger 286164 Modewie(@3) 197 W7 . Moderate(@3) 370 91
Brahmanbaria 645099 3.0 Low (Q2) 257 3.9
R e eww—— —m |
Ashuganj 203505 9.6 Low (Q2) 281 4.3
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ANNEX

ANNEX 1: DIVISION, DISTRICT AND UPAZILA LEVEL POVERTY RATES OF 2022 AND 2010 (Continued)

2022 2010%
Name Population®® Quintile UHC:r Sk Quintile UHCZr SEIEETR
F:,p Error (%) F:’p Error (%)

(%) (%)

221770
292872
Chattogram
District

146436 ....................................................................... P V eryLOW(O1) ............ 44 ............... 23 .........

e P V eryLOW(Q1) ........... 194 .............. 91 .........
................................................................................................................................................. V eryLoW(Q1)102 18
................................................................................................................................................ Moderate(@3)33o 40
................................................................................................................................................. V eryLOW(Q1)56 39
................................................................................................................................................. V eryLOW(Q1)117 53
................................................................................................................................................. V eryLOW(Q1)16 13
..................................................................................................................................................... |_ OW(02)210 41
................................................................................................................................................. V eryLOW(Q1)61 14
................................................................................................................................................. V eryLOW(Q1)39 29
............................................. 236454Very|_0W(Q‘|)10 11

237441 J . Very Low (Q1) 33 07 .........
................................................................................................................................................. V erYLOW(o1)168 41
................................................................................................................................................. V erYLOW(Q1)41 12
................................................................................................................................................. V eryLOW(Q1)87 46
................................................................................................................................................. V erYLOW(Q1)159 78
................................................................................................................................................. V erYLOW(Q1)14 11
................................................................................................................................................. V erYLOW(Q1)25 22
..................................................................................................................................................... |_ OW(Q2)243 42
................................................................................................................................................. V eryLOW(Q1)68 33
................................................................................................................................................. V eryLOW(O1)46 41
.............................................. 199014Very|_ow(Q’|)30 32

387531 . d Very Low (Q1) 20.3 35 .........
................................................................................................................................................. V eryLOW(O1)24 14




ANNEX 1: DIVISION, DISTRICT AND UPAZILA LEVEL POVERTY RATES OF 2022 AND 2010 (Continued)

2022 2010%
Name Population*® Quintile UHC:r SIELEET Quintile UHC:r Sanda
F;P Error (%) sz Error (%)
(%) (%)
Raozan 383740 Low (Q2) 9.8 53 Very Low (Q1) 14.3 2.8
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ANNEX

ANNEX 1: DIVISION,

Name

Khagrachhari
District

Lakshmipur
District

50

DISTRICT AND UPAZILA LEVEL POVERTY RATES OF 2022 AND 2010 (Continued)

2022
Population®® Quintil UHCR Standard
uintile |:1per Error (%)
(%)
690804 Moderate (Q3) 15.9 4.5

2010%
HCR
Quintile Upper
(%)
Low 275

Standard
Error (%)

3.2



ANNEX 1: DIVISION, DISTRICT AND UPAZILA LEVEL POVERTY RATES OF 2022 AND 2010 (Continued)

2022 2010%
Name Population*® Quintile UHC:r SIELEET Quintile UHC:r Sanda
F;P Error (%) sz Error (%)
(%) (%)
Dhaka Division 42041851 Moderate (Q3) 19.6 0.9 43.3 17

Ramna 178049 Very Low (Q1

IN
N
N
w
<
®
=
<
=
(]
3
9]
=
~
N
N
[N)
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ANNEX

ANNEX 1: DIVISION, DISTRICT AND UPAZILA LEVEL POVERTY RATES OF 2022 AND 2010 (Continued)

Name

Rampura

Elaka

2022
Population?° .. HCR
Quintile Upper
(%)
146398 Very Low (Q1) 6.3

104866
141522

243751
159728

228342
217717

365270
274149

Moderate (Q3

Standard
Error (%)

Quintile

Very Low (Q1)

Moderate (Q3)
Very Low (Q1)

2010

HCR
Upper
(%)

Standard
Error (%)




ANNEX 1: DIVISION, DISTRICT AND UPAZILA LEVEL POVERTY RATES OF 2022 AND 2010 (Continued)

2022 2010*'
Name Population™ - intile Uchr Standard | o bl UHCIZr Standard
PPET Error (%) PP Error (%)
(%) (%)
Tongi Pashchim 292180 Very High (Q5) 40.4 4.9 Very Low (Q1) 17.9 41

Munshiganj 1563778 Low (Q2) 1.3 2.2 High 501 4.4
District
Gazaria 175861 Very Low (Q1) 8.0 4.2 High (Q4) 497 9.0
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ANNEX

ANNEX 1: DIVISION, DISTRICT AND UPAZILA LEVEL POVERTY RATES OF 2022 AND 2010 (Continued)

2022 20102
Name Population™ - iintite UHC:r Standard |- o itile UHCZr Standard
PPET Error (%) PP Error (%)
(%) (%)
Louhajang 171256 Low (Q2) 12.8 41 High (Q4) 455 6.3

Narayanganj Low (Q2)
District
................................................................................................................................................ V eryngh(O5)535 44
................................................................................................................................................ Moderate(@g)gss 51
................................................................................................................................................ Moderate(@3)332 47
Moderate (Q3) 36.0 54 .........
Rupganj 672723 Modewie(@3) 211 22 . Hgh(Q4 458 43
.................................................................................................................................................... MO > B
Moderate (Q3) 36.4 6.8
.................................................................................................................................................... ngh(o4)434 54
................................................................................................................................................ Moderate(@3)37o 45
..................................................................................................................................................... |_ ow(o2)277 56
................................................................................................................................................ V erYngh(05)503 31
..................................................................................................................................................... |_ OW(02)255 61
.................................................................................................................................................... v erymghsse 33

226764 Very High (Q5) 69.8

127252 Very High (Q5) 741

213016 Very High (Q5)

3956331 Low (Q2)




ANNEX 1: DIVISION, DISTRICT AND UPAZILA LEVEL POVERTY RATES OF 2022 AND 2010 (Continued)

2022 2010%
Name Population™ Quintile UHCZr Standard Quintile UHC:r Standard
PPET Error (%) PPEC Error (%)
(%) (%)
Madhupur 330527 Moderate (Q3) 17.3 3.8 High (Q4) 415 43
Mirzapur 462991 Very Low (Q1) 87 3.0 High (Q4) 43.0 5.4
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ANNEX

ANNEX 1: DIVISION, DISTRICT AND UPAZILA LEVEL POVERTY RATES OF 2022 AND 2010 (Continued)

2022 2010%

Name Population® _ HCR  gtandard _ HCR
Quintile Upper Error (%) Quintile Upper

(%) . (%)

Daulatpur 97544 Very Low (Q1) 5.2 1.4 Moderate (Q3) 323

142999 i ; Very Low (Q1) 6.4

371800 i d . Very Low (Q1) 37
................................................................................................................................................. V erYLOW(Q1)46
................................................................................................................................................. V erYLOW(o1)33
........................................................................................................................................................ ngh481
.................................................................................................................................................... ngh(o4)475

High (Q4) 47.2
Ve.-y|ow .............. 146 .....
................................................................................................................................................. V eryLOW(O1)190
.............................................. 104180Very|_0W(Q1)126

274670 L . Very Low (Q1) 10.2

511808
361034

Standard
Error (%)




ANNEX 1: DIVISION, DISTRICT AND UPAZILA LEVEL POVERTY RATES OF 2022 AND 2010 (Continued)

2022 2010%
Name Population* . HCR  standard . HCR  standard
Quintile Upper o Quintile Upper o
o Error (%) o Error (%)
(%) (%)
Mymensingh 11976372 High (Q4) 22.6 0.9 - -
Division
Jamalpur District 1.5 Very high 661 2.6
Bakshiganj 6.0 Very High (Q5) 64.6 5.0
Dewanganj 37 Very High (Q5) 80.7 5.0
Islampur 85 Very High (Q5) 70.0 8.6
Jamalpur Sadar 27 Very High (Q5) 65.6 4.0
Madarganj 3.6 Very High (Q5) 66.0 47
Melandaha 41 Very High (Q5) 62.7 5.2
Sarishabari Very High (Q5) 56.1 5.3
Mymensingh 5737380 1.0 Very high 70.9 1.5
District
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ANNEX

ANNEX 1: DIVISION, DISTRICT AND UPAZILA LEVEL POVERTY RATES OF 2022 AND 2010 (Continued)

2022 2010%
Name Population® _ HCR  standard _ HCR
Quintile Upper Error (%) Quintile Upper
(%) : (%)
Sherpur Sadar 553264 Moderate (Q3) 18.3 24 Very High (Q5) 751

321601 d Low (Q2)
377535 i c Moderate (Q3)

199340
205188

1828058
137075

Standard
Error (%)




ANNEX 1: DIVISION, DISTRICT AND UPAZILA LEVEL POVERTY RATES OF 2022 AND 2010 (Continued)

2022 2010%

Name Population® _ HCR  giandard _ HCR  ciandard

Quintile Upper Error (%) Quintile Upper Error (%)

(%) i (%) ¥

Natore Sadar 343908 High (Q4) 22.2 1.4 Moderate (Q3) 40.5 4.2
Singra 374370 High (Q4) 224 40 High (Q4) 456 6.0
Chapainawabganj 1816475 Very High (Q5) 347 37 Low 28.2 31
District

Sadar
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ANNEX

ANNEX 1: DIVISION, DISTRICT AND UPAZILA LEVEL POVERTY RATES OF 2022 AND 2010 (Continued)

2022
Name Population® o HCR
Quintile Upper
(%)
Kazipur 278279 Moderate (Q3) 18.3

3236651
180549

516003
250292

2010%
SEEEIE Quintile UHCZr
Error (%) F:’p
(%)
23 Very High (Q5) 56.4

Standard
Error (%)




ANNEX 1: DIVISION, DISTRICT AND UPAZILA LEVEL POVERTY RATES OF 2022 AND 2010 (Continued)

2022 2010%
Name Population®® Quintile UHC:r Standard Quintile UHC:r Standard
F;P Error (%) sz Error (%)
(%) (%)
Lalmonirhat 1413455 Moderate (Q3) 20.0 27 Moderate 36.4 4.3

Panchagarh 1160775 Very High (Q5) 33.2 4.2 Low 29.7 2.3
District
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ANNEX

ANNEX 1: DIVISION, DISTRICT AND UPAZILA LEVEL POVERTY RATES OF 2022 AND 2010 (Continued)

Name

Ranishankail

2022
Population?° .. HCR
Quintile Upper
(%)
239193 Moderate (Q3) 17.0

Standard
Error (%)

Standard
Error (%)

125661
216474

Moulvibazar
District

2088869 Moderate (Q3)

248235
354710

116907
203664

2010%
HCR
Quintile Upper
(%)
Low (Q2) 23.0
Low (Q2) 225
36.2
Moderate 34.6
High (Q4) 471
Moderate (Q3) 38.6
Low (Q2) 320
Moderate (Q3) 391
Low (Q2) 291
High (Q4) 41.5
Low (Q2) 255
Moderate (Q3) 37.2
Low (Q2) 30.5
Moderate 36.8




ANNEX 1: DIVISION, DISTRICT AND UPAZILA LEVEL POVERTY RATES OF 2022 AND 2010 (Continued)

2022 2010%
Name Population™ e Upper SEMGA o oper Standard
PPET Error (%) PPET  Error (%)
(%) (%)
Companiganj 191183 Moderate (Q3) 19.5 a5 Very Low (Q1) 42.9 7.6

Zakiganj 263617 Low (Q2) 13.5 3.5 Very High (Q5) 53.0 54
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ANNEX

ANNEX 2
DIVISION, DISTRICT AND UPAZILA LEVEL EXTREME POVERTY OF 2022
[Low: HCR < 215%, Moderate: 2.16% < HCR < 5.52%, High: HCR > 5.53%]

Division, District, and Upazila Legend?? Division, District, and Upazila Legend??

Barishal Division i Dashmina High

22 Low: Extreme Poverty <2.15%, Moderate: 2.16%< Extreme Poverty <5.52%, and High: Extreme Poverty>5.53%



ANNEX 2: DIVISION, DISTRICT AND UPAZILA LEVEL EXTREME POVERTY OF 2022 (Continued)

Division, District, and Upazila Legend?? Division, District, and Upazila Legend??
_Chandpur District High . Cox'sBazarDistrit ~~____ Hgh
AN S ad e ... High' e ———— | e
pRariccEny R Moderate N CoxsBazar Sadar Lo
JHaImCRar ] High . SEIAGAON e Low .
RSl | e R O e
RGN, Low . NESEE——— | L1
R RO —— | High 5 B St
Matlab Uttar ] High . O High .
eteiial bligh S i T JEgEEe
_Chattogram District ~~ ~~ Moderate L L T
[LLOREIEN e Low = S LI P 0 e Moderate
L O High .= & Adarsha Sadar Low .
IECEC . Lo R e
| SO . R T Moderatci
| EmEesEml e Lo e [ BLOERETE e O Moderate |
JBoalkhall ] Moderate £ Chanding e Moderate
R T, Low I e I N JEgeEe
[(CHRGETEET e IO HESEEIS [ PEURLEE] e IO AEdEEE
[SIEERION e Lo e EECCECN. Lo
Chattogram Port Low . L Moderate
| DEUSIE NRETE e Low I . JEgEEe
=T, Low . NN CoLI L Lo
G e Moderate | | WEOUEIETERN] e OO Moderate |
JHalIshanar e Low . Meghng e Moderate
| BITBZE eeeeeeenen e nesEEe VVERTEGET e O .
| SEEEEIN e MESEES [ DEEEIGE e Loy
RS LA Low NN SR DB oo S Lo
OBl e Low .k TS et Moderate
ISEE I mesemre FeniDistrict | SCEIEE
B | High' DBl e S Lo
[ ZETED e O oG e | DECRIBINGER e O Moderate |
PanchlaIsh e Low .. emiSadar e Low ..
ISR, Lo [ FHEEE e eemeenen e O LS
B I HedeEe PRGN e O AEdEEE
| SEVTS) e Low = . SOMagAZl e Moderate |
SRBOZAN e Moderate =~ E Khagrachhari District | Moderate
IEEE T, Lo BN | e
[SIVAE s I MEREEE eI I AEdEEE
[ SELEIE e Moderate | | gt sesey . Moderate |

Sitakunda Low Lakkhichhari High
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ANNEX

ANNEX 2: DIVISION, DISTRICT AND UPAZILA LEVEL EXTREME POVERTY OF 2022 (Continued)

Division, District, and Upazila Legend?®? Division, District, and Upazila Legend®?
Mahalchhari Moderate Bhatara Low ..
Bimanbandar Low
Cantonment
(Chawkbazar Low .
Dakkhinkhan Low .
Darussalam Low .
DRI Low .
Dhamrai Low .
Dhanmondi Low .
Dohar Low
Ganaata
Gulshan Low .
MHatiheel Low .
Hazaribag Low
b
Kadamtali Low .
KU Low .
Kalabagan Low .
Kamrangichar Low .
Keraniganj Low .
Khilgaon Low .
Khilkhet Low
KOWBIE e EON
S I Lo
RUBL COT
Mohammadpur Low
Mothesl
MUGER Low .
Nawabganj Low .
Newmarket Low
s
AN Low .
Ramna Low .
Rampura Low
Rupmagar
Sabubag Low .
AV Low .
Shah Ali Low
Shahbag ............................................................... LOW ............




ANNEX 2: DIVISION, DISTRICT AND UPAZILA LEVEL EXTREME POVERTY OF 2022 (Continued)

Division, District, and Upazila Legend®? Division, District, and Upazila

Legend®?

Shere Bangla Nagar Low Kishoreganj District

Moderate
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ANNEX

ANNEX 2: DIVISION, DISTRICT AND UPAZILA LEVEL EXTREME POVERTY OF 2022 (Continued)

Division, District, and Upazila Legend®? Division, District, and Upazila Legend®?
SOMAIGAON Low . KeEhua Moderate
DS EER g High . SIEEC HOEREE

Belabo High Mongla Low
B e
NarsingdiSadar L HGh o Rampal e Low .
B Moderate =~ S S ... AL
NECEUICRR  High ChuadangaDistrict ~ Moderate
SRBRUT Moderate | f Alamdanga e Moderate
RajbariDistrict tow .. | Chuadanga Sadar Moderate
K Ballakanal ... Low ... IESTEIREEE Moderate
Soalanda Low ... . JBNNRGAN Moderate
KAUKNBL Low .0 JashoreDistrict oo Moderate
PanNgsha Low ..o ADhaYNagar Moderate
PR Low | NECCHEIGEIER Moderate
ShariatpurDistrict Moderate == | Chaugachha | i Low o
Bhiedargani Moderate = f Jashore Sadar Low ..
Damudya Low ..o Jhikargachhia Moderate
e Moderate = BECEIEECUINNNG Moderate

Naria Low Manirampur Moderate
ShoriotpurSador  Moderate . Sharsha o low
. Moderate [ MR BUAL! e I
JTangail District S Low ..  EESNEISIICCI. Mod cratchim
[ BEEEN s s e SR O PO SRS e IO nedeEne
[ BAUETRUE e SR Low .0 e nedeEe
ST Low ... CEEEECCC Moderate |
IPHERE Low .0 NESEESHEC Mod ckatchim
S e O O ... nedeEne
[ SEREIRLT e O O Khulna District ...l i
(LSS e IR Low .. |ECESCTCE Lo
L DECITENE e Low .0 BN MEEEIEIE )

Mirzapur Low Daulatpur Low
Nagarpur ) g
SAKNIDUT Low MU Low .
BRI SEEEL e R Low = NSNCUCUETUN -

Khulna Division Moderate JKhan Jahan All Low .|
...................................................................................................... Arullire Seclr Lo

Bagerhat District Moderate @ @ UM ..........""". " oovc oo
‘Bagerhat Sadar Low T I Moderate ...
...................................................................................................... Paikgachha Moderate

el Moderate | [ttt RSO ..., ", | "..." ..o
[ Lo GGG Moderate
...................................................................................................... Rupsa Lo



ANNEX 2: DIVISION, DISTRICT AND UPAZILA LEVEL EXTREME POVERTY OF 2022 (Continued)

Division, District, and Upazila Legend®? Division, District, and Upazila

Legend®?

Sonadanga Low Mymensingh District
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ANNEX

ANNEX 2: DIVISION, DISTRICT AND UPAZILA LEVEL EXTREME POVERTY OF 2022 (Continued)

Division, District, and Upazila Legend®? Division, District, and Upazila

Legend®?

Nandigram Moderate Bera




ANNEX 2: DIVISION, DISTRICT AND UPAZILA LEVEL EXTREME POVERTY OF 2022 (Continued)

Division, District, and Upazila Legend®? Division, District, and Upazila

Legend®?

Bochaganj High Saidpur
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ANNEX

ANNEX 2: DIVISION, DISTRICT AND UPAZILA LEVEL EXTREME POVERTY OF 2022 (Continued)

Division, District, and Upazila Legend® Division, District, and Upazila Legend??
_Moulvibazar District High Tahirpur Moderate
Beralekha Moderate SyhetDistict  Moderate
U HiGR i L LO
Kamalgany G Balagan Moderate
Kulewra .. High Beanibazar Moderate
MoulvibazarSadar Low  Bishwanath Moderate
Rajnagar Moderate  Companiganj  Moderate
Sreemangal o TWigh . Dakkhinsurma Low .
_Sunamganj District High . Fenchuganj . Moderate
_Bishwambharpur o Hgh Golapganj MgEEle
Chhatak e HiGR Gowainghat Moderate
Deral dpdemEie Jaintapur Moderate
Dharmapasha  High Jalalabad Low
Dowarabazar Moderate  Kanaighat Low
Jagamnathpur  High  Kowal Low
Jamaiganj o ....Hgh  Moglpazar  low
Madhyanagar .. Hgh o Osmaninagar | Moderate
Shalla e HiGH Shahparan LO

Shantiganj High Sylhet Sadar High

Sunamganj Sadar Moderate Zakiganj Moderate




ANNEX 3

POTENTIAL VARIABLES
Variables Description
hh_age_avg Household mean age

POVERTY MAP OF BANGLADESH 2022
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ANNEX

ANNEX 3: POTENTIAL VARIABLES (Continued)

Variables Description

hh_head_nm HH head marital status: never married

I A |1 head religion: nonsMuslim e

hh_roof_cmt

hh_roof_met




ANNEX 3: POTENTIAL VARIABLES (Continued)

Variables

hh_sh_wrk_agr

hh_wt_tube

Description

HH proportion working in agriculture

HH dwelling water source: tubewell

POVERTY MAP OF BANGLADESH 2022
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ANNEX

ANNEX 5
NORMALITY OF TRANSFORMED DEPENDENT VARIABLE FOR MODELING

kdensity kdensity
] >

kdensity

kdensity

Domain 1

7 8 10 ni
In per capita consumption, shift transformed
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24
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ANNEX

ANNEX 6
SAMPLE QUANTILES OF PREDICTED RANDOM EFFECTS VS. THEORETICAL NORMAL

DISTRIBUTION, NORMAL Q-Q
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ANNEX 6: SAMPLE QUANTILES OF PREDICTED RANDOM EFFECTS VS. THEORETICAL NORMAL DISTRIBUTION, NORMAL Q-Q (Continued)
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ANNEX

ANNEX 7

SAMPLE QUANTILES OF RESIDUALS AGAINST THEORETICAL QUANTILES OF A NORMAL

DISTRIBUTION, NORMAL Q-Q
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ANNEX 7: SAMPLE QUANTILES OF RESIDUALS AGAINST THEORETICAL QUANTILES OF A NORMAL DISTRIBUTION, NORMAL Q-Q

(Continued)
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ANNEX

ANNEX 8
OFFICIALS ENGAGED IN POVERTY MAP OF BANGLADESH 2022

1. POVERTY AND LIVELIHOOD STATISTICS (PLS) CELL TEAM, BBS

Core Team Members

Mr. Mohiuddin Ahmed MPH, Deputy Director, BBS and Focal Point Officer, PLS Cell, BBS

Mr. S M Anwar Husain, Assistant Statistical Officer, BBS

2. THE WORLD BANK (WB) TEAM
(Not According to Seniority)

Ms. Ximena Del Carpio, Practice Manager, Poverty and Equity Global Practice, South Asia Region

Mr. Faizuddin Ahmed, Consultant

3. THE WORLD FOOD PROGRAMME (WFP) TEAM
(Not According to Seniority)

Mr. Takahiro Utsumi, Head of Research, Assessment and Monitoring (RAM), WFP

Ms. Sanjida Showkat, Programme Policy Officer - Geospatial Analysis and Mapping, RAM, WFP

Ms. Kaniz Fatema, Senior Programme Associate, RAM, WFP



ANNEX 9
VARIOUS COMMITTEE/TEAM: POVERTY MAP OF BANGLADESH 2022

1. STEERING COMMITTEE
(Not According to Seniority)

Committee Members

Senior Secretary/Secretary, Statistics and Informatics Division (SID) Chairperson
D”—ectorGenera|Bang|adeshBureauofStatlstlcs(BBs)Member .......................
| Additional Secretary (Dev), Statistics and Informatics Division (SID) ~~~~ Member
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Representatlve|MEDp|anmngComm|Ss|onMember .......................
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Jo,ntsecretary(Dev)Stat,st,csand|nformat,CSD,V,s,on(s|D)Member .......................
D,rectorNatlona|AccountmnggBBSMember .......................
Foca|Po|ntOff|CerPovertyand|_|Ve||hoodStat|st|cs(pLS)Ce”BBSMember .......................
Deputy Secretary (Dev-l), Statistics and Informatics Division (SID) ~~~ Member Secretary

2. TECHNICAL COMMITTEE

(Not According to Seniority)

Committee Members

Director General, Bangladesh Bureau of Statistics (BBS) Chairperson
Jomtsecretary(Dev)Statlstlcsand|nformat|CSD|V|s|on(S|D)Member ......................
DeputyDlrectorGenera|Bang|adeshBureauofStatlstlcs(BBs)Member .......................
RepresentatlveSHDlvp|annmgComm|ss|0nMember .......................
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RepresentatlveMlmstryofSoaa|We|fareMember .......................
Deputy Secretary (Dev-1), Statistics and Informatics Division (SID) ~ Member
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ANNEX

Technical Committee (Continued.)

Committee Members

Representative, BIDS Member
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DeputyD,rector/Statlstlca|ofﬁcerpLSCe”BBSMember .......................
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ANNEX 10
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