Jﬁ:seigsi,més i
ssem&.sssjmsa(AI) |
eeamessaismigzs
SNBSS

+ N

World Food
Programme



©2024 BON:AYEMIMAFEOEN TSN (NCDM) §«‘nﬁg§§tmﬂﬁ:—ﬂm:ﬁﬁmmﬂﬁ (WFP)
mIvRieon

whiRumsuinmisinamInnynwiss A easIvEnRns/gREniEns Wiwssgsuhinieags: s
ﬁnﬂ:ﬁ@fﬁmsm%mﬁiﬁ«:qmz%mgnrﬁ (NCDM) gngitagj|wmunsiinnions (WFP) 1g égmammiégm:
shiRumsugaInwmiaiige Aonshidansng/grpniphitatigms nomaime iehd ginsdis
FnBmAmnn ydusgBaopgisinnananiis: Ssugpatiminasipull NCDM y WEP 199

oo

H{BUY9s WFP/Salvador Bustamante, YayImages

¢3¢ 1, 2, 3: NCDM

¢013 4: YayImages

$01§ 5: Copernicus, WFP/Chanvibol Choeur
$013 6: Google Earth Engine

§iig 7: Google Research, WFP/Chanvibol
¢118 9: WFP/Chanvibol Choeur, Planet
¢1§ 10: WFP/Chanvibol Choeur, NCDM
¢33 11: WFP/David Longstreath

¢fi§ 12: NCDM



ESUERe

. mmﬁ]gm?jgtsﬁg,nwﬁf 5 (AD) Lmﬁ@‘ﬁmmﬁ‘igyéaégé’mzj%m@

nsnmifudigsismimadandasimeswpmedntes fampmednys
isiuie Ny

- diwsafaslimdswdnsinsmrdasomomaiiism imasim
RamiBndumuisiishudnsiuius Fafwnumssngnwy

. Agmsnidimissnnaminsigrusanismimbvs muni fmipmasugn
(DRR) mipumaiimsgjEnysaimunnaom (EWLAL) sAP6wny
YIFeIag (AA) SuAgmiminuifwausaimmess (SRSP)

P
Vo
S

=

Harnessing Artificial Intelligence (Al) and Geospatial Data for Climate Disaster Risk Assessment in Cambodia




6632’5662’61@5655&5?555‘1@

[

iessnym wwsysgiisiaundswim:Fntss Buipnaings Rumsuyems

@I

Rudimothagia  2owglnoyuigy pa mmm@mimsﬁgmﬁw A

sUgNwHN NS NUAMUE N URREMIAINAGSS 946 NSSNIIIEIRINYE]Y
LMEY

Gigun8AwsinissBsuuiviseie ﬁm?mmsmjuﬁtmmﬁ@ Bouamusnd
REnanNagin-08 ﬁﬁiﬁj‘sﬁﬁﬁtﬁgtﬁﬁQﬂ%ﬁmﬁtmﬂiﬁmmﬁ Rauasss:isiwrnm
NI B SHANINIBSHARRM N[N mtﬁjﬁjmmmmmﬁmgﬁmmmjmm"
vugnwdnuss Bainyn Savgifmdiadnat Sagsgimays Ruiumuision
miAnuAtion Banfae mmmﬁigjsmmﬁta gmmwﬁw iSIFuH 040 matuge
MMM EMEUSWpiUin,0%iels é/tsrﬁmﬁr&mﬁmﬁiﬁmsﬁ(GDP) IURMEHZY

gepissaimsmamuamygFass  miwufnudasfuniswnmedntss  Saipn:
naggn  ASslusymsinmmisinsinie  dighmayimiugsy  minipsiyenw
Brbdfnsslinddn  Ausasdadgmamangummavgwunitonms
BUSNW  SUMIRAMONS tuﬁjmmmmwmﬁﬁmm@@wmstﬁmﬁmmﬂﬁﬁmﬁ
mmamasnuREnY sthaamfienw  dFnssiundswipsngnwsinm
vgus 9IsngMeMaNTREUESE NSO UM usEs MR wUSgmn
isinBamAd/inisligiwiey

EYi0IeSIBIN g NHISS ﬁ‘g?ﬁtﬁjﬂ%ﬁmimﬁﬁﬁmtﬂﬂﬁﬁﬁﬁiﬁﬁmﬁﬁjmﬁjmm% (WFP)
RuAMN:AYBEMIMAREUENIEBWNSNW (NCDM) isiiutewnyt mshgundms
UEMEUIREH (AI) Lm*e@‘ﬁ«:mmﬁ?@yéaégé WSy twﬁj?mﬁf’éjamu&@jmgﬁ"jmpﬁ
RN wEm: BaunRAwimeFntiss Sanmetanys Rougrmasapooeye
islgAnuien

! Economic impact from the UNDP’s Disaster Financial Preparedness Analysis Report, 2023
2 Cambodia Country Climate and Development Report, The World Bank Group, 2023



74 3 & - e 5 FARTS

saNESBIRES (AI) %ssesﬁsayassmim 85 196788

ssiIeESicnsSmaTnisties

mingasttutsunsw mﬁmmm:mmﬁﬁm@mﬁ@smmﬁ@wmmm GREmmE
MOIOTY BAM N R[N mwgﬁs ;pInswneds MBNUDANFYS: feunisw
mmmﬁjmsmﬁmmﬁtmﬁ@d ISTEMINIHSNN AN UG MU mame
(IPCC) TR eugitns e gauancy SuBimathnglgante

Yorgmie thﬁmmmmﬁlﬁimsﬁmﬁmmlﬁ%mmﬁf’ummtsijm@j%nmtﬁmmmmﬁ
vomugnauimein | vpigeay  geonmgquyl  Shigussiwgs
yosmauianse mmmmﬁﬁgmmqﬁw mhe: IamadnmU falmumatam
meRnwsmedntes Rupneianny mowoy  Foiehidigmsvausag
enjoeiR Himoasisl gugissiwgsaosgisiniusipauusaimFntss
Sanmanagn MUMEMELTIMUTINESEY momwiime rltasgmatgn
WIRRGARERG Bamangiunpans IREjeven Ushgs gnaquiginlefReussme

=3 £

Himnednties Snipns LR

% F A

0000 [AAA

gorgniE: K Mouwy ¥ mosnwsipn: == WSAW
NENNOE S (w88 Himnsaoist (ospmaiinieghy (wgmnis

= —_— ! 9o Qigiee) WURBAYE SHMAESIVE BoulnAuy
g::g: é‘%?%i?ji?m s wasn e iBgjeve Boubsen )

¥ EELBRL)! usfigs Baanangiai
finsungnw)
CEEEEE—— CEEEEE—— G cGEEE——

) N b
pusanhwatgimiswisisngnw

Harnessing Artificial Intelligence (Al) and Geospatial Data for Climate Disaster Risk Assessment in Cambodia °




mogidunytsuniengdagy vimSuREs (AD) §ﬁlﬁﬁ§ﬁﬂj@§it§%%t§mﬂﬁ%t§m
Google Earth Engine (GEE) ﬁmﬁssﬁmmmﬁfamﬁmﬁﬁ Qut

BUISNWHIMUEE BUHmay) vila (6wsgy Suugnsiumisw
gm:ﬁg twm?wmmqmme]mmﬁmﬁﬁmseo

Q
e
o
9=y
3_

vigrignaBanpymsyemss wdghongdsiagdangy (GPS) WwigdimsgBanyy
(GIS) Bumhwianunmaiisd Sugumnindumisywmummes Beymsugmn
ﬁmﬁggsm:ﬁﬁaﬂ@@gmgtﬁmsmmg]mj Baganmoqfeiding  Rwmsions
ropan:sg Hgmian sanuipugushdiaiisinsmsmaRnsnLmaiyge

o (8

UEMBUIsTY (AI) amﬁmﬁmmgmmSﬁmﬁ:mm:mtﬁmmmmmmmﬁmmﬁsfq;
wmfnmmjs Séﬁﬁm”] mevmmzwu@a mmsm@ (Machine Learning - ML)
tumt’ntﬁﬁﬁﬁjtgﬁmﬁjﬁj%ﬁﬁ (AD) tpmmmgm Lmrjmﬁmnﬁ?@y S%ﬁﬁﬁ?@jl
twﬁjnﬂsmmm@ggm twﬁjmtammmymmUﬂalﬁﬁlﬁsmﬁamsmmﬁgmsgssrﬁ%
EAE metsmmsmr@ (ML) BRepimnsiBinaunanmRws Random Forest
(RF) ﬁmﬁﬁm@ﬁmt@wtﬁzﬁmmmmmﬁ@@ﬁmsmsmmumuﬁmmss E@’Wtﬁﬁﬁﬁjtjfﬁ
HIBI smgsmmmtﬁmng r,mtﬁﬁjgm 1Eoise m@mmmﬁ@mamﬁmﬁms
tiﬂ%ﬁfﬁﬁLﬁLﬁULﬁi@ﬂmtﬁmmﬁa‘jtﬁﬂﬂ@%%ﬁjﬁﬁmmﬂ insmaNaami matPimes
Ucmﬁj‘{j_jgﬁﬁ( ) S%Ut@ﬁ?@yﬁﬁﬁﬂlﬁj tﬁmﬁmgﬁmmﬁmsmwa’m@@smﬁmmmm
RumsHANMNY tﬁmg@ggmﬁmmmmmﬁm%m’mﬁlﬁﬁlﬁi ﬁtwmtgmmsmﬁ;ﬂ
(ML) ﬁgmsﬁtﬁﬁm@tﬁmm@ﬁﬁ@mg% SEENBATRI msmjlmmﬁmﬁ?@ymmg NYNY)

BISHYIME mmm‘a‘lf‘d St @ﬁ@ﬁﬁﬁ%’éiﬁ? ﬁﬁ%‘:]mam*amﬁmﬁmg@a

& o

UIS'Um? Google Earth Eng'me (GEE) ﬁmlﬁmgﬁmj@JtmﬁSttﬁtQﬂﬁ (cloud- based

< 1
o

Computlng) e Gtﬁjﬁj‘l BN ﬁjtﬁjiﬁﬂﬁﬁj‘mﬁﬁﬁ@g S fﬁﬁ’tﬁ 8 1N[3Y) C’ILUﬁC’IifﬂI‘LG% ¢ ﬁﬁ'

=3

sgnnguuigswulgsiionmip s&ﬁmgﬁmmﬁjgt@w powmids  Boysdin

9

9188831 Random Forest (RF) 2i23

1

‘r‘ﬂﬁ]fﬁﬁﬁét% mgqﬁmmmwmtsmwswﬁ@ RF S%ﬁ%ﬁﬁmﬂ?mﬁiﬁﬁﬁﬂlﬁjﬁﬁmﬁjmg
ﬁmjélitmﬁgmmﬂﬁ GEE Ewﬁjwmﬂj‘mﬁ‘ﬂﬁfﬁ giﬁmﬁ@ggmﬁﬁm*@j Stﬁ@%%’tﬁﬁtﬁﬁm
TJLU@WS iwﬂjﬁgmﬁéjﬁﬂﬂ@Uﬂ%ﬁm%m%ﬁ@ﬁjmmﬁﬂ MAFHNSS '8‘1‘1131&615@? MOUNIY

mesnwipnsEm g Rgonuie ShunRRwisinErnAs/omae

569566%5335%5@7521,“ ﬁméﬁiﬁﬁﬁa (AI)

b
O

ZnssnBneiiiansset: Google Earth
Engine (GEE) 8852858861858 6515155685
SiC iR BRI SRR NESINM e EE (s NRaNS

Sssefa aameds) Sensiatinnisys (aiSEiE

BREIR. SRS B AN TS )RR EIRY




o

sepEIBRsImsmgnERBaHMATICIEsigaa s §1RamRs

@ﬁﬁ%%iﬁﬁi‘ﬁ%ﬁig’im Wi FAEsHsy fﬁLmﬁ%[ﬁUmﬁUﬁj@ﬁg/Uﬁ ﬁﬁg GBEUS CUET]
! ne/

FYMm wﬁjﬁeﬂ tsﬁmmmm\mso g9 mcmqm:mﬁ@ﬁﬁssmmgﬁ tﬁﬁt’ét”’] fﬁi‘[jjﬁtﬁ fUtS

=]
o [

“t:ﬁﬁjgﬁjﬁjl (ML) twmmgﬁmoummmﬁm%gmgpiﬁmﬁmmwﬁ83 %q‘ﬁﬁ'fﬂ

w (=]
[

Aansugan:uRemsFntssitunmisnhdssSwaBaniugems wamsE vame

=3
[N

MmNy vimandmalh upen:d AEvInmEY MmN wEteYeMmMINASANeS
NSINHWGIPMUFHTSSNnURNISIHNUISIRYN (MUHteDUN 2a5i9iEm) Rt
W 99 gingaunis: WYMmONSUYLTNNnTnissag Sﬁ‘?ﬁﬁ%%’@ﬁtﬁ 1Y
ginouise mgﬁmﬁﬁtﬁtggmgsts“]ﬁmﬁﬁﬁtmm simodnemy alanumaisaus
@ﬁmg% m@ﬁmmﬁmgmggtg@ﬁﬁsg@atlmmmmgtﬁﬁlﬁimﬁmmmwmmg@ﬁ
sBHg ! Wimynevug mt%’iﬁﬁa‘ﬁmﬁm/ OENHY

flooded area

ol N
T i
p 5% -’%', g
aicuad ?

jumamosanusmnizstissugnmidntssmusnsigrunanneninie: SunRuURNEIL oL ce

o]

Random Forest (RF) algorithm Flood hazard

> Sop son sop
00 00 00 00 00 o0

& Google Earth Engine

L&y ) 1o '
SRutsminwatyysumuEmanAiatss

Harnessing Artificial Intelligence (Al) and Geospatial Data for Climate Disaster Risk Assessment in Cambodia °



s namﬁlﬁimSﬁmm% tﬁmmwmﬁmﬁgmmtﬁﬁﬁmtﬁ NUAMYWIRUUREN W
HIpUISY unye @mﬁ]a tumg]%jﬁﬁmjmmﬁmmwrssms% YORIENIENSY mﬁmmei
mtslﬁimgﬁmtim%mag@mmmmo mgmﬁ@ﬁtr‘ﬂama% (SPI) ms:q;smﬁgcm
aRanme (TCI) mgmggmﬁgmsﬁmﬁ (VCI) BueusHy gtﬁ@mmw@mmgﬁm (NDWI)
t@wmqﬁmm@gsmﬁﬁmmm tmmtimsmmaﬂ@mﬁa oHanma  HERE 8
AUIIMEY mmtﬁmﬁts ﬁmsﬁﬁmm:mnmm:qﬁlﬁmﬁhmjim@ smaim«:]ﬁ«:]
IV boggﬁsémﬁ@a Zutsg]mmms Lﬁimsmﬁammsmsmeﬁ% smﬁﬁmmm
Buifngagsynddmtsnme mmmﬁﬁmtsﬁﬁlﬁﬁmﬁuﬁ/mmﬁ@a

Rainfall Severity and frequency of Severity and frequency of SPI Index Drought hazard
SPI-1<-1in wet season SPI-1 <-1in dry season e -
g 2 "%
_ - —
? il 7 &
Land Surface Temperature Severity and frequency of Severity and frequency of
- TCI < 30 in wet season TCl < 30 in dry season
N B c S o @ c 1
| g2 ;
ey X st
5
B e 2z \’g;
< - B, “ |3 ]
Normalized Difference Severity and frequency Severity and frequency
Water Index (NDWI) of NDWI Anomaly < -1 of NDWI Anomaly <-1
- in wet season in dry season -
M”17 -
3 4 o A 2=
Yt * 1 ] Y % L Commune-aggregated
'ﬁ ¢ 4 v 3% drought hazard
A A Z
LT W = oA . = =
GRS =2 s
Vegetation Index Severity and frequency of Severity and frequency of < 'f_ < i“‘
VCl <30 in wet season VCI <30 in dry season g’ B
SEEREEN T —_ % b
Y
Input data Pre-processing Analysis Result

& Google Earth Engine

Sinfmitsminwatyyemmipanaiags

gramg: fefgsmoiesasdimed

FgSwismne BHFndny Sondsmi funRisnugs ﬁmﬁmmmsﬁﬁmwm
Lﬁaﬁﬁﬁgmsamsﬁmmm Fates Bupneinmmeinnmmonigie:y  mos
m}]stgm@ﬁ?@yﬁﬁmmmsm@mmmﬁﬁmmgssmmmmm @jmscmsmm:nm
SRENAIANMAYS IRUwRGHUMARLIANY imaiingsing metgmmgmﬁ%p
(ML) ﬁM°Ummmﬁms%@gsmm@ﬂm@4 B wnigmapas vyt
WRAw mﬁmsmgssvvmmimsm&mgﬁmtﬁﬁm&@ss’uﬁmmsommwsmgsm«:a@n
Sagwuumitywe




juissugnimimadisiivaiusapsinndpadme Bosnpudwniumonwianvamaiisd Bumsanndns

mtmummmﬁimmmpnﬁuq
Population density Building density Infrastructure density Crop cultivation area
5 - . .
3 . "
c
g .
o
O - o AR W
-~ ’
o - Ling e T el g e o,
| | 1 I
Normalization Normalization Normalization Normalization
i Population density index Building density index Infrastructure density index Crop cultivation area index
o - " .
o]
e . .
© o ¥ e
m <=
5 u, ’
. w
- s h ’-.
m 2 )
Exposure index Commune-aggregated exposure
Equally-weighted ' y
average and .
normalization < gdi-Fhen, . . ey 3 L

. Commune-leve 2
\ — aggregationand —» }

1ormalizatior

1nsay

e 5 5
RANIMASMINWHTYM VALY

Harnessing Artificial Intelligence (Al) and Geospatial Data for Climate Disaster Risk Assessment in Cambodia e




RO T e pIELE s CEp b LU g

MOMEINES mghgonuiy Aolubovamaignugfgaonshy Samnns

o

TURIEANT ARMISTEN ughgs Saaudininhipnedntiss Saumainagn wWiwn

o

meinshutnmoiissonmanAmaseme mismnwgRenguignum
(CSES) mifluy andhaamiehe masyniuissidsthosmsdamnaomag
RpEUMSISInAY/ ey EyjiEpnwunis: SIRuYwiginsuidnigia
OUNSANSIRT SRS ATANEABISINAW/ME  IBUMININESS
NSFEUSANUEOENSY SR magmasmwsipEaE A gRyuguivns
SEamAmuaiNngss

énmrﬁmmg 93 mgmmmmmuﬁmtlmosﬁmﬁmslﬁimsﬂmim%tﬁmzsﬁvmmm
feaysmmtgsiivmss 5’1tﬁmﬁmﬁﬁmmﬁmmwﬁ@mmmmnmj%mms
BEIMIBING M At N UNITURE AN RRLIE AN A OIS REN
INURUURY UUYR IMANSHjE¢A¢sNINRURaN Ut/ wgRganehy
JUROTHANT SNENSM NN WINIENIVAIHRINY

. %cum'zmm% s
gizuistas ﬁ?iﬁ@mimgﬁﬂaﬂ:ﬁa‘{n UMY SRR SHI RGN EATY

v
<]

RonsindganiamAmud o Shvpumywsgswadanyy (3. sianadn
g%mmtﬁﬁ @mamtsﬁmmﬁsmg m@mm@@mmemms mamﬁﬁmgngﬂ AuE
Benuls awamss mmamy 9ue) lEiismingisansidnsiinmnionats

MCEN RIS tsﬁmﬁﬁﬁgmaﬁm@@ﬁﬁjm@m%

- famAmed qe mmmmﬁmmmm:mtm mghgaysigipimsvdaga
t%mﬁmtwmtgmmgmqpmnmmnmmﬁmsam swgdliansmamomu
IMMSUAEIERGSAMAMUF9 JumywSndimsgBan (s nNUMI
futgRgunuhsiBumuekuisamudy SudgswaBanitunonagiRy
gegndamAmudo '

5
RIS M IEeiRR g R gunvREwN
A{EHANTIL Wi S[UYURIUISTRBHEAW/ 05 Y

3 CSES mimgimimmagiaenaienansmigs (NIS) fepranissms ddiiadfmsdhngdemnwsipanpvmss ponans
masBimnata] A 8nBsi[Rmuns Bigaow]ld ciisigns MisUs oM Mg REIAY NAGANML RRMIEEAMAINY



Conditioning/predictive data

Random Forest (RF) algorithm to

30
= Nighttime light satellite imagery % § extrapolates demographic and
= High-resolution surface &< socioeconomic information
reflectance satellite imagery 55 Feature extraction
= Access to school, health, market ;2 S i
= Distance to roads, rivers, water 23
= Population density S o

Land-use: build-up, crop and
forest

Elevation and slope
Climatological rainfall and
temperature

SJUBUIWIABP JO)
sjulod ejep uidwes

~
results: 69-99% I

39 |

o
23
g5 Random Forest (RF) algorithm
35 . . i
E_qf Feature extraction to estimate SOCIF)‘E(OnOmIC
23 . - vulnerability
=~ O
%o

Vulnerability and its
determinants
analysis

6.

CSES
E -

Logistic regression

eJ3U|NA J0)

ejep 3ujuies)
sjuiod ejep Sujdwes

_ 0% ————————» Overall accuracy
for results: 78%

Input data Pre-processing Analysis

& Google Earth Engine

5 5 s s
giRuisminwatgmomomipniniogiguyuiy

N 5 s

Socioeconomic Vulnerability

E \’/J

Commune-level
aggregation and
normalization

l

Commune-aggregated
socioeconomic vulnerability

Result

fnsFissuinmianymnisanuiy §mm§%§qm9§m§]ﬁm smsimnmnwHnoIany Runsusianntmms
TR w S am N wInme

Harnessing Artificial Intelligence (Al) and Geospatial Data for Climate Disaster Risk Assessment in Cambodia




SigefadusissoasaniEidid mopass Semnsiusierme
saitmimsnsfefionides

igr,wmtsmsmﬁmSﬁmmtmm@mﬁﬁmmmﬁﬁﬁgé"am%mﬁm@"mﬁttm Frnss
gmlm finggn miwaisighu)/mntnsnEnunisogy Rasiiigiasigan

BRAGIGINT MUY aneigieny Saistiudnuésiumagngay Wiw 0d% i
Lﬁmﬁgﬁjﬁﬁ 89 9% fetRBned Yy wowsyofaundswim:Fntsss san:inmw
pwan 6% tSL‘UE’nﬁSﬁjﬁj 30 mmy teiEndnymmy wwsyedaundswipn:

fnagne dnnasaduigoe BSminiensurymny

Flood risk

Flood hazard

Socioeconomic vulnerability Exposure

Drought risk

3

tied Aussummivizntsundfmpn:dntns (e0idd) 8 Banmadnggs (ranme)

'\ ¥ “""W.&ﬁ%
25R5EE Se s
Agesmns
Qeebomns
o PLPLEAST LT
R RLEAS TP
sseigg%smﬁs-ss‘é




sEmamIEsesaitisnRgma

[

BEimavgwunsfw 89 MERMAESEINBNENWSUIUHIAN BRYMOLZANY

ngﬁstﬁims%m@mmﬁsmfusﬁsmmos@mmm Sfm m—ﬁﬁigj% mtemm&ema%@

o Pz

PatvangsuuhiRwavs

. gguwRUMOUISEY (AD) 8huigniengBan{as minEnuamOIvasaUs
IANURRMIBMIUIMEYIREY (AD) %763853@ (ML) BauignignaBantsy
ﬁjﬁﬂﬁﬁgﬁjﬁéﬁﬁ?ﬁmﬁ@%%fﬁ Sagurdndfnsmsitgnama s
BapuEmemeiTifonymans Bgmmannsues Fafonudagm:
YUY

a o

) a )
ﬁsiﬁmmmﬁmmmmmshqm %ﬁﬁtﬁjﬂﬁﬁfﬂa‘ﬂﬁﬁﬁmﬁjﬁﬁg ﬁﬁigj‘r‘ﬂm ity

9 a&lll@ ‘5 o

MO INENSNEIHY 18 tiii;UJLm 63 mmmﬁmmmﬁ IS UENAYIRSY (AI)

17
& S

u@flﬂﬁﬂﬁi@ﬁ%ﬁljm tij‘mmms tw’é,jﬁéﬁm EUC:?SS UJI{I;?] miﬂﬂﬁmiﬁﬁﬁﬁmiﬁ% i

@W%Emmif&ﬂﬁﬂﬁtfﬁ%ﬁ Sﬁ?%%fﬁtﬁi»«ﬁﬁfﬁ%ﬁ’éﬁﬁﬂ@ﬂm fﬂﬁﬁjgéﬁﬁj’éﬁmm?mﬁ
nsmwsmr@ %ﬁm@%tﬁﬁ@ﬁj@mm%@%gtﬁmmmfﬁi%ﬁt‘[_"m ms@wemmtim%

e/ 1

U]',Esmmtﬁjmﬁtmﬁ@wms*eg Al) tsiqh‘qnﬁmsms:ﬁmo MIMUARoS
FngBan [ hmIysgSwIsMINGS K1) Baminwntys Bk
I‘.@Jq‘i}%@’i%@qﬁllﬁﬁ@ﬁg Snsmogwo@agonmn sauidebssdnfsgswamo
UANSUAMUGIR IS UM uiS By (AD) B¥jmuemInNsSIugRuiRums
eRBRMSIBI ARSI pn s AN (ML)Y viguhissis)s §aTRagdens
W{EIUMITUYUFSSWMINHUR SHMIgENHIMWHAMITUISNWEBISME
o153 ondimn SRHSURUEMI MEFWUIRSARAMN SVINUMNIVE
iR uts S At

Ummmmjmmnmmmmmm mmwimmmghmmmﬁmmsxmo wanIms
msmmsﬁmwmmmmmmmﬁ miuegugswanRInimIiuyEmmamE
jtu: mmti&nﬁt}ﬁmﬁﬁm@wsmmmmtﬁﬁmﬁgwmﬁm PAMMOENE MEGW
nEnsiRutsundSw Rumesniinestundswaninussas SN
AESHSBRIUNMATSW SRUSN9SIFISRMINUITUMMUmE

Harnessing Artificial Intelligence (Al) and Geospatial Data for Climate Disaster Risk Assessment in Cambodia




(RS THEZeRRNEN

ﬁﬁﬁ@ﬁjmﬁgﬁsiﬁgumﬁjﬁjsﬁﬁ (AI) ﬁmﬁm@tﬁmﬁmtsmmq‘mﬁmvmsmﬁma
Ungﬁmtlmmmgﬂtmsiﬁmm@mﬁﬁm nlmﬁﬁ@mmmﬁmuuﬁsmﬁm ORIt
EOERIEEsUNSNw (NCDM) Saﬁﬁ?mmﬂammmﬁmnﬂmﬁmﬁammmmmmﬁ
(WFP)ea HEUGAIQUISS t%]ﬁmqjmwmm:%ﬁmﬁﬁm:miﬁmmmmmmtemﬁsm
TV (BHA) 1',8@fﬂﬁmjmmiumtﬁﬁﬁmLmUmJHﬁingHgﬁmﬁ (USAID) 8488s
%Btﬁﬁ:ﬁmmmgmszﬁmsﬂmmmﬁ Saumeanansgidnys (CREWS)




World Food Programme Cambodia
No.108, Street 63/corner Street 208, Sangkat Boeung Raing, Khan Daun Penh,

Phnom Penh, Cambodia - Email: WFP.PhnomPenh@wfp.org
wfp.org




